Journal of Innovation & Knowledge 10 (2025) 100809

JOURNAL

OF

INNOVATION &

i i i i Journal
Contents lists available at ScienceDirect Lot

Knowledge

Journal of Innovation & Knowledge

knowledge ) _ )
journal homepage: www.elsevier.com/locate/jik
Artificial intelligence, knowledge and human resource management: A

systematic literature review of theoretical tensions and

strategic implications

Mercedes Ubeda-Garcia @, Bartolomé Marco-Lajara ©, Patrocinio C. Zaragoza-Saez ©,

Esther Poveda-Pareja

Department of Organization and Management, University of Alicante, Ctra. San Vicente del Raspeig, 03690, Spain

ARTICLE INFO

JEL Classification:

033

J24

Keywords:

Artificial Intelligence

Human resource management
Bibliometric analysis

SciMAT

Science mapping

ABSTRACT

This article studies the interaction between artificial intelligence (AI) and human resource management (HRM)
through a bibliometric analysis of 203 articles published between 2002 and 2024 in the Web of Science database.
The analysis identifies six fundamental strategic research themes, ranging from automation and predictive
analysis to the personalisation of the employee experience.

The paper illustrates the growing importance of AI and HRM, evidenced by an exponential increase in pub-
lications since 2016, with a significant peak after the COVID-19 pandemic. The conclusions highlight the need for
a balanced approach that integrates technological innovation with rigorous ethical principles, particularly in
critical areas such as algorithmic transparency, fairness in decision-making and personal data management.

The research also provides a valuable roadmap for future research and sustainable organisational practices in
the digital age, highlighting the importance of addressing emerging challenges such as technostress and the
implications of personalisation in hybrid work environments.

In addition to capturing the ways in which AI is transforming traditional HRM processes and the aspects
covered by the literature so far, this paper also establishes a frame of reference for understanding and addressing
the evolution of talent management in a rapidly changing technological context.

Introduction

In the field of management, artificial intelligence (AI) can be un-
derstood as a new generation of technologies that present a series of
characteristics, such as their capacity to interact with the environment
by collecting internal and external information, the possibility of
interpreting this information through pattern recognition, the induction
of rules and event prediction, as well as the possibility of evaluating the
results of their actions by improving their decision systems to achieve
specific objectives (Ferras-Hernandez, 2018). In particular, the rise of Al
in organisations is causing the appearance of novel theoretical and
empirical problems for scholars in the organisational domain. Al holds
the promise of significantly reshaping what the future of work will look
like, including organisational structure and organisational design and
jobs, decision-making and knowledge management (Kellogg et al., 2020;
Pfeffer, 2020; Graetz & Michaels, 2018; Glikson & Woolley, 2020;

* Corresponding author.

Choudhary et al., 2025). These big changes entail a rethink of the con-
ventional management models.

The integration of Al into organisational processes is of greater
importance than simple technological updating. It is a strategic turning
point with very important implications for human resources manage-
ment (HRM). This study focuses on analysing the interaction between
the incorporation of Al and HRM in the global sense, which means that
research on isolated people management policies has not been analysed.
While analyses of concrete practices could provide meaningful insights,
they often fail to capture the broader forces of transformation (emerging
trends, systemic challenges and latent opportunities).

Over the past two decades, the growing confluence between Al and
HRM has begun to reshape traditional approaches to talent development
and organisational strategy. Tools such as predictive analytics and
adaptive learning systems are no longer theoretical possibilities, they
are already influencing how companies attract, train and retain
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employees in increasingly complex work environments (Huang & Rust,
2018). This shift signals a deeper move toward data-informed deci-
sion-making as a core element of organisational performance (Tambe
et al., 2019).

Academic interest in this area has developed rapidly, reflecting the
growing presence of Al in HRM policies. From Al-assisted recruitment
platforms to algorithm-based performance appraisals and customised
data-driven training programs, the scope continues to expand
(Chamorro-Premuzic et al., 2017; Tursunbayeva, 2024). However, this
momentum is accompanied by significant concerns such as fairness,
privacy and transparency in decision-making, as well as the changing
nature of human functions in increasingly automated environments
(Raghavan et al., 2020).

This paper is based on the observation that, despite the increase in
research on AI in HRM, there is still a gap in the comprehensive,
evidence-based analysis that connects these developments to broader,
more systemic, strategic changes. By identifying key patterns of litera-
ture development, as well as emerging trends, this research contributes
to both the theoretical field and decision-making in the practical context
(Donthu et al., 2021; Mishra et al., 2020; Cobo et al., 2012; Sott et al.,
2021).

The following research questions are posed:

RQ1: What are the current publishing trends and growth trajectories
in research that interrelates Al and HRM?

RQ2: What are the strategic themes of Al and HRM?

RQ3: What is the scientific thematic structure of Al and HRM and its
evolution?

RQ4: What are the main challenges, limitations and difficulties in the
field of Al and HRM?

The responses to these research questions, along with the discussion
and conclusions, provide a robust framework for understanding the
integration of Al into HRM.

This research offers several notable contributions. First, it represents
a valuable guideline for the research community interested in studying
Al and HRM, as it uncovers important trends and highlights emerging
challenges, fostering the building of lines of enquiry that can contribute
to a deeper understanding of the interface between technology and
people management in organisations. Second, the results provide HR
managers with a practical roadmap covering the main use cases and
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benefits of Al, ranging from predictive analytics solutions to adaptive
learning platforms. A third key contribution lies in revealing several
emerging concerns at the intersection of Al and HRM. Topics like the
ethical use of algorithms, the psychological toll of technostress and the
challenges of personalisation in hybrid work models are gaining traction
but remain underexplored.

The study argues that integrating AI into HRM is not just about
adopting new technologies. It represents a much broader strategic shift.
Rather than focusing exclusively on specific tools or isolated in-
terventions, the research comprehensively examines how Al is reshaping
the field. This broad perspective can shed light on the changing land-
scape of talent management in today’s digital context. It offers organi-
sations both a clearer understanding of the risks inherent in AI and a
roadmap for turning technological advancements into opportunities,
fostering long-term resilience, innovation and adaptability in a rapidly
evolving world (Furstenau et al., 2021; D’Amore et al., 2022).

Methodology

The steps followed to carry out the bibliometric analysis of this study
are those recommended by Donthu et al. (2021) and are shown in Fig. 1.

Database selection, search strategy and bibliometric analysis tools

The bibliometric review requires the selection of a citation database
that indexes the main literature related to Al and HRM. The databases
commonly used by the scientific community for this purpose are Scopus
and Web of Science (WoS) (Mishra et al., 2020). This study uses the WoS
database; the use of this database in research is validated by the fact that
it is the most well-known citation database and the bibliographic data
are stored in a well-structured manner (D’Amore et al., 2022; Harzing &
Alakangas, 2016; Di Vaio et al., 2022). The search period ranges from
2002 (the first year in which references that meet the search re-
quirements appear) to December 2024. The effectiveness of the analysis
results depends mainly on the search strategy technique; therefore, an
appropriate search strategy was developed according to the research
objectives.

The search was conducted using the keywords "Artificial Intelli-
gence" and "Human Resource Management" within the article title,
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abstract and keywords fields, following the approach of Macke and
Genari (2019), and covering the period from 2002 to 2024. Only
research articles were included in the analysis. Furthermore, the results
were restricted to publications indexed under the categories Manage-
ment, Business or Industrial Relations & Labour to ensure thematic
relevance to the field of HRM.

Once the search string was established and the corresponding filters
applied, 203 articles were obtained.

Selection of bibliometric analysis tools

The bibliometric analysis is divided into two parts (see Fig. 1). The
first part is a descriptive or performance analysis, and the second part is
a scientific mapping or network analysis.

The performance analysis will show the general publication pattern
of the Al and HRM topic in terms of the number of publications, most
relevant authors, top journals or top countries. Scientific mapping al-
lows us to discover the intellectual, conceptual and social structure of a
specific body of knowledge (Wood & Budhwar, 2014) and to introduce
its dynamic growth over time (Cobo et al., 2012).

There are different software techniques for the analysis of biblio-
metric maps. In this article, SciMAT is used to analyse a conceptual
scientific mapping analysis based on bibliographic co-word networks
(Batagelj & Cerinsek, 2013). This software combines scientific mapping
techniques and performance analysis to study a research field and
visualise and identify specific or general themes/topics and their the-
matic evolution (Cobo et al., 2012).

SciMAT can also create strategic diagrams (Fig. 2a) to visually
identify the most important topics, conceptual network structures
(Fig. 2b) to understand the relationship between authors, keywords or
references, as well as the thematic evolution structure (Fig. 2¢), which
shows how the field evolves over time.

Each theme can be characterised by two measures (Callon et al.,
1991): centrality and density. Centrality measures the degree of inter-
action of a network with other networks and can be seen as a measure of
the importance of a topic in the development of the entire research field.
Density measures the internal strength of the network and can be
interpreted as a measure of the development of the topic. Considering
both measures, a research field can be visualised as a set of research
topics, mapped on a two-dimensional strategy diagram and classified
into four groups (see Fig. 2a): motor topics (well developed and
important for the structure of the research field); specialised or pe-
ripheral topics (highly developed but not very important for the devel-
opment of the entire field); emerging or disappearing topics (both
underdeveloped and marginal); and basic or transversal topics (impor-
tant for a discipline but underdeveloped). Observing the evolution of
these topics over time indicates whether they are emerging or
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disappearing.

According to Cobo (2012), the keywords of a research topic (see
Fig. 2a) and their links create a network graph, known as a thematic
network. Each thematic network is designated by the keyword most
central to the related topic (see Fig. 2b). In Fig. 2, the size of the circles
corresponds to the number of published articles related to each research
topic, while the thickness of the lines connecting the circles reflects the
magnitude of their equivalence index.

The results obtained using SciMAT can be used to optimise decision-
making (Sott et al., 2021) and offer future projections in research,
identify gaps in the literature and suggest ideas for future research
(Furstenau et al., 2021). The analysis focused on keywords, extracts the
frequency of their co-occurrence. The similarity was calculated using the
equivalence index. For topic identification, the Simple Centre clustering
algorithm was applied. In the data collection process, 203 documents
were exported, including 1292 keywords, which were considered in the
bibliometric analysis.

To analyse the evolution of research topics over the period studied,
the thematic evolution structure was examined. To construct this map,
the inclusion index was used. Fig. 2c presents a classic map, where lines
1 and 2 (solid) indicate that linked clusters share central themes, while
line 3 (dashed) indicates that clusters share non-central elements. The
absence of a line denotes a discontinuity, indicating the emergence of a
new cluster. The thickness of the lines is proportional to the inclusion
index, and the size of the clusters reflects the number of related docu-
ments (Cobo et al., 2012). The thematic evolution was segmented into
two sub-periods: 2002-2020 and 2021-2024.

Results
Publication trends and influential contributions

This section presents a bibliometric analysis based on several per-
formance metrics. It addresses the first research question. RQ1: What are
the current publishing trends and growth trajectory in research that
interrelates Al and HRM?

The evolution of documents on Al and HRM is shown in Fig. 3. The
literature that analyses Al and HRM is quite recent. In the WoS database,
the first article published on the subject dates to 2002: "Training for
crisis decision-making: Psychological issues and computer-based solu-
tions" by Sniezek, JA; Wilkins, DC; Wadlington, PL; Baumann, MR and
published in the Journal of Management Information System. From this
date until December 2024, there are a total of 203 articles published. As
can be seen, from 2003 to 2016 there is a period in which there are no
publications on this subject. The bibliographic explosion begins after
this period, and fundamentally from 2020, after the COVID-19
pandemic.
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Themes Themes N THEME-Z1
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Fig. 2. Strategic diagram (a). Thematic network structure (b). Thematic evolution map (c).

Source: Cobo et al. (2012).
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Table 1 shows the top authors in the topic of Al and HRM from 2002
to 2024. The most prolific researcher in the field is Ashish Malik, with 8
publications, followed by Pawan Budhwar, who has published 6 papers.

Related to the most cited publications in the period 2002-2024,
Table 2 shows the ranking of the most relevant research in terms of the
number of citations. The most cited work corresponds to the authors
Huang and Rust (2018) entitled "Artificial Intelligence in Service",
published in the Journal of Service Research, with a total of 1207 cita-
tions. It is followed by the paper of Tambe, Cappelli and Yakubovich
(2019) "Artificial Intelligence in Human Resources Management: Chal-
lenges and a Path Forward" published in California Management Review
with 341 citations.

Since academic journals are considered the main medium for
disseminating scientific production (Wuni et al., 2019), the main jour-
nals that have published research related to AI and HRM are shown
below. Table 3 gives the leading journals, each with the number of
publications and citations. The top journal is Human Resource Man-
agement Review with 12 publications and 672 citations. This is followed
by Technological Forecasting and Social Change with 10 published pa-
pers and 171 citations; in third place is International Journal of Human
Resource Management with 9 published papers and 449 citations.

To conclude the performance analysis, the most productive country
in the topic related to Al and HRM is the USA, with 52 articles published
and 2910 citations, followed by China with 38 studies and 678 citations;
the third place is occupied by England with 36 articles and 1463 cita-
tions (see Table 4).

In this section, a bibliometric network analysis of AI and HRM from
2002 to 2024 is presented, focusing on the strategic diagram, the the-
matic network structure and the thematic evolution structure. For a
better understanding of each topic, detailed explanations are provided
in Section 2. For this analysis, the focus will be on the 2021-2024 sub-
period. However, when examining the evolution, both periods will be
considered: the first spanning from 2002 to 2020, and the second from
2021 to 2024. This section aims to address research questions 2 and 3.

Table 1

Top authors with the highest scientific production.
Ranking Author N° Articles Citations
1 Malik, Ashish 8 237
2 Budhwar, Pawan 6 230
3 Varma, Arup 4 142
4 De Cremer, David 4 106
5 Chowdhury, Soumyadeb 3 164
6 Koopman, Joel 3 105
7 Tang, Pok Man 3 105
8 Prikshat, Verma 3 62
9 Dutta, Debolina 3 28

2012

2013
2014
2015
2016
2017
2018
2019
2020
2021
2022
2023
2024

RQ2: What are the strategic themes of Al and HRM?

RQ3: What is the scientific thematic structure of Al and HRM and its
evolution?

Fig. 4 shows six clusters, two of which are classified as motor themes
(ORGANISATION and BIG DATA), one as a basic or transversal theme
(MODEL), one as an emerging theme (CUSTOMER), and two as highly
developed and isolated themes (DIGITALISATION and JUDGMENT).

Motor themes

Fig. 5 illustrates the thematic network structure of AI and HRM. A
detailed analysis of keyword co-occurrence was conducted to reveal
underlying patterns, which are depicted in the figure.

The cluster ORGANISATION (Fig. 5a) is the most important group in
the strategic diagram because it brings together most of the published
documents (62 papers). Within this cluster, the most cited element is
Human Resource Management and System.

The research that makes up this cluster examines the impact of
technology, especially Al and algorithms on HRM. The topics dealt with
in these studies underline the following aspects. First, the importance of
addressing both the challenges and opportunities that technology and AI
present in HRM, promoting a balanced approach that considers trans-
parency, fairness and employee well-being (Larger & Konig, 2023; Kim
et al., 2021; Malik et al., 2023).

Secondly, the positive and negative aspects of Al for employees are
discussed; among the negative aspects are concerns about information
security, data privacy, drastic changes due to digital transformations,
occupational risk and insecurity, which could cause the so-called tech-
nostress (Malik et al., 2023). On the other hand, positive elements
include greater flexibility and autonomy, the promotion of creativity
and innovation, and improved work performance (Trocin et al., 2021).
In addition, it is underlined that an Al-based HR ecosystem can capture
real-time data, improve decision-making and personalise the employee
experience. A positive employee experience is critical to improving work
engagement and organisational performance (Malik et al., 2023). The
incorporation of technology will also require the redefinition of work-
spaces by combining physical and virtual environments, generating af-
fective and practical experiences. HRM should balance technological
integration with the emotional well-being and privacy of the worker
(Petani & Mengis, 2023).

Finally, a frequent theme in this cluster is the biases of algorithms.
Algorithms can perpetuate biases if they are not designed and managed
properly. It is crucial to question the supposed objectivity of algorithms
and to recognise that their development and application are influenced
by social values and assumptions (Larger & Koning, 2023; Vassilopoulou
et al., 2024).

The other motor theme is BIG DATA (Fig. 5b). This cluster brings
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Table 2
Most relevant papers according to the total number of citations received (TC).
Ranking  Paper Author(s) Year Journal TC
1 Artificial Huang, MH; 2018 Journal of 1207
Intelligence in Rust, RT Service
Service Research
2 Artificial Tambe, P; 2019 California 341
Intelligence in Cappelli, P; Management
Human Yakubovich, V Review
Resources
Management:
Challenges and
a Path Forward
3 Influence of Wamba- 2020 Business 266
artificial Taguimdje, Process
intelligence SL; Wamba, Management
(AD on firm SF; Kamdjoug, Journal
performance: JRK; Wanko,
the business CET
value of Al-
based
transformation
projects
4 The Feeling Huang et al. 2019 California 200
Economy: (2019) Management
Managing in Review
the Next
Generation of
Artificial
Intelligence
(AD
5 Unlocking the Chowdhury, S; 2023 Human 139
value of Dey, P; -Edgar, (@ Resource
artificial SJ; Management
intelligence in Bhattacharya, Review
human S; Rodriguez-
resource Espindola, O;
management Abadie, A;
through Al Truong, L
capability
framework
6 Explore success ~ Chen et al. 2021 Journal of 118
factors that (2021) Management
impact Analytics
artificial
intelligence
adoption on
telecom
industry in
China
7 The dark side of ~ Castillo et al. 2021 Service 117
Al-powered (2021) Industries
service Journal
interactions:
exploring the
process of co-
destruction
from the
customer
perspective
8 Influences of Kong et al. 2021 International 114
artificial (2021) Journal of
intelligence Contemporary
(AI) awareness Hospitality
on career Management
competency
and job
burnout
9 Rebooting Jaiswal et al. 2022 International 113
employees: (2022) Journal of
upskilling for Human
artificial Resource
intelligence in Management
multinational
corporations

Journal of Innovation & Knowledge 10 (2025) 100809

Table 2 (continued)

Ranking  Paper Author(s) Year Journal TC
10 When the van den Broek, 2021 MIS Quarterly 112
machine meets E; Sergeeva, A;
the expert: an Huysman, M
ethnography of
developing Al
for hiring
Table 3

The main journals, the number of papers on Al and HRM, the number of
citations.

Ranking  Journal N° Citations
Articles
1 Human Resource Management Review 12 672
2 Technological Forecasting and Social Change 10 171
3 International Journal of Human Resource 9 449
Management
4 International Journal of Manpower 8 303
5 Human Resource Management 8 185
6 IEEE Transactions on Engineering 8 49
Management
7 International Journal of Contemporary 7 335
Hospitality Management
8 Journal of Innovation & Knowledge 7 114
9 Personnel Review 7 16
10 Journal of Business Research 6 205
11 Management Decisions 6 122
12 Organizational Dynamics 6 34
13 Human Resource Management Journal 5 86
Table 4
Top 15 most productive countries.
Ranking Country N° Articles Citations
1 USA 52 2910
2 China 38 678
3 England 36 1463
4 France 26 1418
5 Australia 25 741
6 India 23 712
7 Italy 17 620
8 Germany 14 367
9 Sweden 9 397
10 Netherlands 9 298
11 Canada 9 294
12 Poland 9 126
13 Taiwan 7 1498
14 Spain 7 129
15 Finland 6 228
3.2 Strategic research themes in Al and HRM

together papers that focus on how the use of algorithmic technologies in
HRM is significantly transforming organisational operations. Technol-
ogies such as Al, Machine Learning (ML) and natural language pro-
cessing (NLP) allow the management of large amounts of employee data,
enabling improved decision-making and the efficiency of people man-
agement activities.

This group includes articles related to the ethical implications of big
data in HRM, as well as the revolution brought about by the application
of massive data analysis in different HR policies, such as recruitment and
selection, training and development, compensation, performance
appraisal or talent retention (Manroop et al., 2024). This group also
studies how AI and ML models are significantly changing the structure
and design of work. These technologies can improve productivity by
automating repetitive tasks and allowing humans to focus on more
creative and complex tasks (Kim et al., 2024). However, these models
often lack transparency and explainability, making it difficult for hiring
managers to understand the reasons behind the predictions. The Local
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Fig. 4. Strategic diagram of Al and HRM (2021-2024).

Interpretable Model-Agnostic Explanations (LIME) technique is pre-
sented as a solution to intuitively explain the predictions of ML models
(S. Chowdhury et al., 2023), since one of the main drawbacks of algo-
rithms is their opacity (Zhou et al., 2023). In the context of big data,
employee behaviour plays a crucial role in the acceptance and effec-
tiveness of algorithmic technologies (Wan & Chen, 2024). Understand-
ing employees’ behavioural and emotional reactions to these
technologies can help improve their implementation and maximise their
benefits (Kim et al., 2024; Yang et al., 2024). The papers included in this
cluster emphasise the correct definition of algorithms, data quality,
strategic alignment and cultural acceptance (Radonjic et al., 2024). This
requires collaboration and mutual support between developers and HR
experts (Van den Broek et al., 2021).

Basic or transversal themes

Regarding the basic themes that are important for research, MODEL
is a basic or transversal theme in Al and HRM. From 2021-2024, there
are thirteen documents in this group. The most cited keywords are
Employees, Resources and Generative Artificial Intelligence (Fig. 5c).
The studies that make up this cluster highlight the importance of inte-
grating advanced technologies such as Al and deep learning (DL) algo-
rithms to build a CC neural network (BPNN)-based HRM system model
(Song & Wu, 2021). Some papers focus on Al models, specifically how Al
models can replace or complement human cognitive capabilities in
strategic decision-making (Krakowski et al., 2023). Other studies offer a
comprehensive view of the challenges and strategies for HRM in the
context of interaction between AI and workers, highlighting the
importance of trust, communication and organisational support for
effective collaboration (Arslan et al., 2022). Others study the use of
generative artificial intelligence (GAI) in strategic decision evaluation
(Doshi et al., 2024). GAI, especially large language models (LLMs), can
generate evaluations of strategic alternatives such as business models,
mergers and acquisitions, and organisational redesign.

Specialised themes

Specialised themes are DIGITALISATION and JUDGMENT. In the
first group, the most representative keywords are Jobs and Pandemic
(Fig. 5e), while in the second, the most cited keywords are Perspective
and Time.

The DIGITALISATION cluster comprises studies that focus on ana-
lysing how digitalisation has transformed the world of work, especially
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in the context of the COVID-19 pandemic, with a special impact on jobs
and people management. Digitalisation, accelerated by the COVID-19
pandemic, has significantly transformed the workplace, introducing
technologies such as AI, ML and cloud computing (Lim, 2021). These
changes have affected labour relations, the labour market and the nature
of work, generating both benefits and concerns (Acemoglu & Restrepo,
2020; Santana & Cobo, 2020). Among the negative effects of digital-
isation, anxiety, privacy, remuneration, well-being, work ambiguity,
redundancy, and job security stand out (Brougham & Haar, 2020;
Makridis & Han, 2021; Deng et al., 2024). These challenges require
organisations to develop new capabilities and engage in continuous
improvement and retraining of employees to adapt to new work envi-
ronments (Malhotra, 2021; Bamel et al., 2022; Sutarto et al., 2022).
The Human Resource Practices that are proposed to mitigate the
negative effects of digitalisation include (Makridis & Han, 2021; van
Woerkom, 2021; Li et al., 2023; Dabic et al., 2023; del Val et al., 2024):

e Promotion of Work-Life Balance: Helping employees manage stress
and improve their overall well-being.

e Employee Empowerment: Increase engagement, effectiveness and
work performance.

e Fostering Entrepreneurial Behaviour: Supporting employees to
develop their ability to work with disruptive technologies and reduce
anxiety.

e Training in new skills: Develop transversal skills and specialisation in
higher-level jobs, improving job security and quality of life.

On the other side, the JUDGMENT cluster concentrates research that
analyses aspects related to the impact of Al on decision-making in HRM
(Malin et al., 2024); studies show that AI can improve efficiency and
reduce biases in staff selection and other HRM decisions. However, it
also poses significant ethical and practical challenges. In this sense,
models for ethical decision-making are proposed, such as the
Throughput model (Rodgers et al., 2023); this model depicts how per-
ceptions, judgments and the use of information affect strategy selection,
identifying how diverse strategies may be supported by the employment
of certain ethical decision-making algorithmic pathways. Al algorithms
should incorporate ethical considerations and decision-making pro-
cesses to determine the most appropriate HRM strategy in each situation
(Rodgers & Gago, 2001). Perspective in decision-making, i.e., the vision
and approach that individuals adopt when evaluating situations and
options, is identified as a very important factor in the response of both
employees and consumers to these decisions (Yan et al., 2024). It would
be necessary to incorporate multiple ethical perspectives in the algo-
rithms used in HRM to balance the interests of the various stakeholders
and improve the acceptance and effectiveness of HRM decisions
(Leicht-Deobald et al., 2022).

Emerging themes

Finally, the Emerging theme is CUSTOMER, a group in which the
keyword moderating role stands out (Fig. 5f).

The studies that make up this group focus on analysing how AI and
Al-based technologies, such as voice assistants and chatbots, influence
consumer trust, employee engagement and HRM. Voice assistants that
balance your speaking and listening capabilities generate greater trust
and social presence in consumers. Congruence between these attributes
is crucial to induce a strong social presence and improve product
recommendation acceptance and voice purchase intent (Hu et al., 2023).
Similarly, the use of chatbots for personnel selection should balance
their understanding and response capabilities to improve the user
experience and build trust. Personalisation and accessibility of chatbots
increase engagement, similar to how a good consumer experience
strengthens brand loyalty (Dutta et al., 2023). The perception of use-
fulness and ease of use (Nguyen et al., 2024), together with social norms
and emotions, play a crucial role in Al acceptance, specifically acting as
moderators of Al acceptance (Karahanna, Agarwal, & Angst, 2006; Del
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Fig. 5. Thematic network structure of Al and HRM (2021-2024) *

*The size of the circle is proportional to the number of published documents linked to each research topic, and the thickness of the link between two circles is

proportional to their equivalence index.

Giudice et al., 2023). This cluster also includes papers that analyse other
moderating factors in the relationship between people and technology
such as the consumer’s emotional experience (Hu et al., 2023), age
(Dutta et al., 2023) or openness to experience (Chen et al., 2022; Shao
et al., 2024).

Thematic evolution of Al and HRM research (2002-2024)
To conclude the network analysis, the thematic evolution structure

of ATl and HRM will be studied. Fig. 6 shows the evolution structure for
the periods 2002-2020 and 2021-2024.

In the first period (2002-2020), three fundamental keywords were
used by authors. The most significant cluster is EMPLOYEES, followed
by BIG DATA and finally EXPLANATIONS.

The EMPLOYEES cluster is made up of three studies that analyse the
impact of technology, especially robots and Al, on the hotel industry and
employment in general. Specifically, Xu et al. (2020) study how robots
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Fig. 6. Evolution map of AI and HRM themes for periods 2002-2020
and 2021-2024.

will redefine leadership in hotel management; they conclude that
managers need to adapt their strategies and leadership styles to achieve
an adequate balance between technology, employees and customers.
Meanwhile, Robinson et al. (2020) propose a conceptual framework to
understand the impact of Al on service encounters, and the ethical im-
plications of what they call “counterfeit service encounters”. Finally,
Brougham and Haar (2020) examine how technological threat percep-
tion affects job insecurity and turnover intentions in different countries.

In the BIG DATA cluster, Oswald et al. (2020) explore the impact of
big data and AI on industrial-organisational psychology and HRM. The
article concludes that as organisations continue to adopt big data and
related technologies, HR professionals must adapt to these changes,
contributing to a deeper and more ethical understanding of the use of big
data in organisational contexts.

The EXPLANATIONS cluster contains the oldest research on AI and
HRM, dating back to 2002. Sniezek al. (2002) focus on analysing how
training for decision-making in crises, based on immersive simulators
(DC-Train), offers HR departments key tools to develop and manage
talent in critical environments. These systems can have implications for
all management practices, from selection (identifying employees with
skills to manage stress and make decisions under pressure through
simulated assessments) to training (through training in technical and
soft skills in realistic scenarios) to performance appraisal (allowing for
personalised feedback by using automated systems to provide specific
critiques that are needed to improve individual and collective
capacities).

The first period (2002-2020), represented by three clusters, focused
on laying the theoretical foundations for technological impact, while the
second period (2021-2024), composed of the six clusters explained
above, addresses more specific and mature applications. Both share
concerns about ethics and well-being, but the second period highlights
the practical and strategic use of advanced technologies to optimise
HRM, driving a comprehensive organisational transformation. In the
second period, new clusters unrelated to those of the previous period
appear, such as DIGITALISATION and JUDGMENT.

The only cluster that remains in the transition from the first to the
second period is BIG DATA. This cluster evolved from an exploratory
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approach in the first period to a strategic integration into HRM in the
second period. This evolution illustrates how organisations have moved
from understanding the potential of big data to applying it to transform
key management processes, boosting efficiency, personalisation and
considering an ethical approach in its implementation.

The topics that have the strongest relationships are EMPLOYEES
(first period) with ORGANISATION, CUSTOMER AND MODEL (second
period). These relationships are discussed below.

In the first stage, the EMPLOYEES cluster, as explained above, fo-
cuses on understanding how technologies and artificial intelligence
affect workplace safety, leadership and employee satisfaction (Xu et al.,
2020; Brougham & Haar, 2020). In the second period, the ORGANISA-
TION cluster expands these concepts by investigating how Al redefines
key processes in HRM, implementing more ethical practices geared to-
ward employee well-being, creating hybrid (physical-virtual) ecosys-
tems and managing associated technostress. In both periods, the
importance of designing and implementing technologies in an ethical
manner is highlighted.

The relationship between the EMPLOYEES and CUSTOMER clusters
lies in the connection between employee satisfaction and customer
experience. Studies in the EMPLOYEES cluster underline the importance
of maintaining employee satisfaction when integrating technologies. In
the second period, articles located in the CUSTOMER cluster expand this
perspective by analysing how technologies impact both employee and
customer experience. The EMPLOYEES cluster highlights the emotional
effects of technology on employees, while the CUSTOMER cluster
complements this approach by exploring factors such as emotional
experience and perceived usefulness, which are critical to employee and
consumer acceptance of AL

Finally, the relationship between EMPLOYEES and MODEL focuses
on the transition from how employees address the challenges associated
with technology adoption to the development and implementation of
systems based on Al and DL to complement or replace human capabil-
ities; specifically, it is in the MODEL cluster where studies related to GAI
are located, which allows for the evaluation of high-level strategies such
as business models or organisational redesign.

To conclude this thematic evolution study, we will comment on the
relationship between the EXPLANATIONS cluster of the first period and
the ORGANISATION cluster of the second period. The first cluster in-
troduces technologies such as immersive simulators for training, while
the studies that make up ORGANISATION expand this concept through
advanced and holistic systems that cover multiple areas of HRM and
other organisational dimensions. This development shows a movement
from the training and evaluation of individual employees to the redesign
of organisational processes that improve productivity, job satisfaction
and employee engagement. Both clusters share a concern for ethics in
the use of technologies, but ORGANISATION goes a step further by
establishing standards to mitigate algorithmic biases and foster
emotional well-being in hybrid work environments.

Key challenges, limitations and issues of AI and HRM

In this section, research question 4 will be addressed.

RQ4: What are the main challenges, limitations and difficulties in the
field of AI and HRM?

The integration of Al into HRM faces numerous challenges, limita-
tions and difficulties that span ethical, technological, organisational and
cultural aspects. One of the main challenges lies in ensuring that Al al-
gorithms and systems are transparent, fair and free of bias. Although
these systems are considered objective, algorithms can perpetuate and
amplify existing biases if not properly designed and managed (Larger &
Koning, 2023; Vassilopoulou et al., 2024); therefore, it is essential to
develop tools such as explainable models that allow us to audit and
understand algorithmic decisions, thus increasing trust in AI (S.
Chowdhury et al., 2023; Zhou et al., 2023).

Another critical aspect is the protection of employee data privacy
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and security. Collecting and analysing large volumes of information
creates significant cybersecurity risks and potential privacy breaches, as
well as challenges in complying with international regulations. Ethical
and responsible management of data used by Al systems will be crucial
to mitigate these threats and protect both organisations and their em-
ployees (Malik et al., 2021).

The adoption of Al can also generate technostress, job insecurity
(Brougham & Haar, 2018) and anxiety, which negatively affect staff
engagement and productivity (Petani et al., 2023). Therefore, another
limitation of integrating Al into HRM consists of the redefinition of
workspaces to combine physical and virtual environments to mitigate
these negative effects, generating more positive and practical experi-
ences (Malhotra, 2021). Training in digital skills and the design of
organisational strategies that promote well-being will be essential in this
context.

Another impediment that can affect the integration of Al into HRM is
the redefinition of work roles and processes. Al transforms organisa-
tional structures and the skills required by employees, which requires a
redesign of key HRM processes to take advantage of technology’s ca-
pabilities without dehumanising work interactions. The quantity and
quality of information provided by AI tools will need to be carefully
managed so that cognitive overload does not occur and the integration
of the technology can be optimised (Graf & Antoni, 2021; Glikson &
Woolley, 2020).

Employee acceptance of technologies is another limitation that or-
ganisations may encounter when implementing them. Reluctance to
change and employees’ fear of being replaced by machines are barriers
that organisations may face when incorporating Al technologies into
HRM. Therefore, it will be essential to generate staff confidence in this
technology (Kim & Kim, 2024), along with the incorporation of clear
ethical principles in the design and use of Al, especially in critical de-
cisions such as selection, promotion or lay-offs (Rodgers et al., 2023).

Finally, another difficulty that organisations may face in integrating
Al with HRM is aligning the development of Al technologies with sus-
tainability and corporate social responsibility objectives. Organisations
should adopt approaches that balance technological advancement with
their economic, social and environmental commitments, which can be a
significant challenge (Zhou et al., 2023; Kraus et al., 2023; Ammirato
et al., 2023).

Discussion
Theoretical contributions and implications

This study analyses how Al is transforming HRM, based on 203 ar-
ticles published between 2002 and 2024. From these references, the
article develops a conceptual framework that charts the evolution of the
field, from an initial emphasis on automation and digitalisation to more
nuanced discussions around ethics, emotional intelligence and strategic
alignment (Bag et al., 2021; Malik et al., 2023; Petani & Mengis, 2023).

The findings show the existence of six key thematic clusters, where
ORGANISATION and BIG DATA stand out as central pillars in the
transition of Al as a tool to support a transformative force within HR
systems. (Kim et al., 2021; Manroop et al., 2024). At the same time, the
increasing focus on the areas referred to as JUDGEMENT and
CUSTOMER reflects a broader shift towards more human-centric ap-
plications, focusing on how Al can foster trust in automated decisions,
support emotionally intelligent interactions and improve the overall
user experience (Rodgers et al., 2023; Dutta et al., 2023; Hu et al., 2023).

The evolution map that illustrates this thematic change is a clear
deepening of the debate. Early research tended to focus on the psycho-
logical impact of automation, on issues such as employee anxiety or the
use of simulations for training (Sniezek et al., 2002; Brougham & Haar,
2020). However, more recent studies focus on issues of transparency in
algorithmic decisions, the potential of explainable AI to strengthen
ethical oversight and the strategic incorporation of generative

Journal of Innovation & Knowledge 10 (2025) 100809

technologies into core HR functions (S. Chowdhury et al., 2023; Doshi
et al., 2024; Krakowski et al., 2023).

Implications for practice

The results of this research offer important conclusions for HR pro-
fessionals, HR technology developers and policy actors addressing the
intersection of Al and workforce management.

Ethical Use of Al in HR Environments. One of the most pressing issues
is the opacity that often surrounds algorithmic decision-making. While
algorithms are designed to improve efficiency, they can unintentionally
perpetuate existing biases embedded in historical datasets, especially in
areas such as hiring and performance appraisal. To address this, tools
such as Interpretable Local Explanations and Model Agnostics (LIME)
are being tested as promising strategies to improve transparency and
promote more ethically based Al applications (S. Chowdhury et al.,
2023; Zhou et al., 2023; Colther and Doussoulin, 2024).

Developing resilient hybrid work environments. Findings from the
ORGANISATION and DIGITALISATION groups reveal that AI adoption
can have psychological consequences for employees. Job insecurity,
anxiety and technostress frequently arise in Al-enabled workplaces.
HRM must go beyond the implementation of digital tools to actively
promote employee well-being through flexible work policies, psycho-
logical safety and rigorous change management (Malik et al., 2023;
Petani & Mengis, 2023).

Strengthening data governance and privacy protocols. As HR systems
become more efficient and use more data, the need for robust gover-
nance mechanisms and strict compliance with data protection regula-
tions is increasingly urgent. In an environment of increasing digital
complexity and growing cybersecurity threats, having robust data
management policies in place is essential not only for regulatory
compliance, but also for maintaining employee trust (Malik et al., 2021;
Han, 2024).

Fostering productive collaboration between people and Al The
success of Al integration often depends on organisational culture.
Studies on implementation frameworks highlight the importance of
developing digital skills, fostering curiosity and establishing trust be-
tween human users and Al systems. These factors are essential to ensure
that Al enhances collaborative practices, rather than replacing them
(Arslan et al., 2022; Singh & Pandey, 2024).

Prioritise user-centred design in Al interfaces. The design of Al ap-
plications, particularly chatbots and virtual assistants, plays a crucial
role in user acceptance. Features such as intuitive functionality,
responsive interaction and accessible design principles have been shown
to significantly improve user experience and trust in the system (Hu
et al., 2023; Dutta et al., 2023; Del Giudice et al., 2023).

Limitations

While this study offers a broad analysis of the literature on Al and
HRM, several limitations should be considered when interpreting its
findings.

Restricted data sources. The analysis is based exclusively on publi-
cations indexed in the WoS. While this database is widely recognised for
its academic rigour, relying solely on it may result in the omission of
relevant contributions available on other platforms. The inclusion of
additional databases, such as Scopus or Google Scholar in future
research could provide a broader and more diverse representation of the
field, helping to capture alternative perspectives and emerging research
not covered by the WoS (Harzing & Alakangas, 2016).

Methodological restrictions. The bibliometric methods employed,
specifically SciMAT and keyword co-occurrence analysis, are suitable
for identifying research trends and intellectual structures within a
discipline (Cobo et al., 2012). However, these quantitative tools tend to
prioritise highly cited and widely published topics, which could over-
look newer or more nuanced areas of research. Future studies could
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benefit from integrating qualitative approaches, such as thematic con-
tent analysis or narrative synthesis, to uncover more subtle dynamics
and provide deeper interpretive insight into the discourse (Donthu et al.,
2021).

Broad thematic treatment. While the study maps key conceptual
developments in the Al and HRM landscape. HR policies such as
recruitment, employee development, or compensation strategy have not
been considered. These areas can be affected by Al in different ways,
depending on the size, industry and digital maturity of the organisation.
Exploring these functional dimensions in greater detail would allow
future research to generate more practical information adapted to the
needs of professionals (Govindaraju et al., 2025; Ghosh & Itam, 2020).

Future research agenda

Based on the findings and limitations identified, several key areas
emerge as priorities for future academic exploration. These domains not
only reflect conceptual gaps in the current literature but also address the
evolving needs of organisations facing rapid technological trans-
formation. The following research questions are proposed to guide
future enquiry:

Ethical Algorithm Design in HRM. While algorithmic tools have
become central to many HR processes, concerns around bias and
transparency remain Langer and Konig (2023); Gowrishankkar et al.
(2025); Vassilopoulou et al. (2024).

e RQ1l: How can Al algorithms be designed to ensure fairness,
explainability and accountability in recruitment, promotion and
performance appraisal?

e RQ2: What governance frameworks are most effective in identifying
and mitigating algorithmic bias in HR decision-making?

Technostress and Emotional Well-being. As AI becomes more inte-
grated into daily work, its psychological impact on employees demands
closer attention (Aggarwal & Stanley, 2024; Petani & Mengis, 2023;
Malhotra, 2021).

e RQ3: What organisational strategies are most effective in mitigating
technostress caused by Al systems in hybrid and digital workplaces?

e RQ4: How does the perception of autonomy and control mediate the
emotional effects of Al integration in employee workflows?

Data Governance and Digital Ethics. Responsible Al use depends on
effective data handling and employee trust (Han, 2024; Zhou et al.,
2023; Malik et al., 2023).

e RQ5: What are the best practices for ensuring compliance with data
privacy regulations while using Al for people analytics?

e RQ6: How can organisations foster a culture of digital ethics among
HR and IT departments when deploying Al tools?

The use of AI to personalise HRM, particularly through adaptive
learning platforms, has created promising new avenues in employee
training and development. These technologies enhance learner
engagement by delivering instructional content tailored to individual
roles, skills and learning preferences. Although their short-term benefits,
such as increased motivation and improved learning efficiency, are well-
documented, there remains a notable gap in the understanding of their
long-term effectiveness. Evaluating the sustained performance of these
systems, especially in comparison with traditional training methods,
represents a critical direction for future scholarly inquiry (Govindaraju
etal., 2025; Tummalapalli et al., 2025; Ghosh & Itam, 2020). To support
this exploration, the following research questions are proposed:

e RQ9: What are the long-term effects of Al-driven adaptive learning
platforms on employee knowledge retention and job performance?
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e RQ10: In what ways do employees assess the relevance, credibility
and practical value of Al-generated training materials relative to
traditional instructional methods?

Sustainability and Responsible Innovation in HRM. Integrating Al
into sustainable HR strategies is still underexplored (Del Giudice et al.,
2020; Bag et al., 2021; Maddikunta et al., 2022; Rubel & Rimi, 2024;
Samanvitha et al., 2025).

e RQ11: In what ways can Al contribute to reducing the carbon foot-
print of HR operations and promoting green HRM practices?

e RQ12: How can Al-enabled HR practices support diversity, equity
and inclusion while aligning with corporate social responsibility
goals?

Conclusions

The convergence between Al and HRM is shaping a new organisa-
tional paradigm. A bibliometric analysis of 203 articles published be-
tween 2002 and 2024 identified six strategic clusters that reflect the
evolution of the field, from initial debates focused on automation and
digitalisation to more mature discussions concerning ethics, algorithmic
transparency and employee well-being.

The evidence suggests that the integration of Al into HRM should not
be understood as a mere technological improvement but rather as a
profound strategic shift that redefines the foundations of work, organ-
isational structures and the relationship between humans and technol-
ogy. Balancing efficiency gains with principles of fairness, inclusion and
sustainability emerges as a central challenge. Without these safeguards,
the potential of Al may be compromised by risks such as ethical con-
cerns, algorithmic bias and negative psychological outcomes, including
technostress.

From a managerial perspective, the findings emphasise the impor-
tance of HR leaders and AI developers acting as guardians of organisa-
tional trust. Effective adoption of Al requires robust digital governance,
continuous reskilling initiatives and workplace designs that prioritise
human-centred experiences. Under these conditions, Al can function as a
catalyst for resilience and creativity rather than as a source of anxiety or
exclusion.

The results also highlight future directions for research in this area.
Rather than a simple list of gaps, the proposed agenda signals three
pressing priorities: the design of fair and explainable algorithms, the
analysis of the psychological and emotional consequences of Al adoption
and the exploration of how AI can contribute to responsible and sus-
tainable HR practices aligned with broader social and environmental
objectives.

In summary, the AI-HRM interface constitutes both a space of ten-
sions and a field of opportunities. The key lies not only in advancing
technological innovation but also in defining ethical, strategic and
human frameworks that ensure responsible adoption. For academics,
practitioners and policymakers alike, the ultimate challenge is to shape
an Al-augmented HRM that is transparent, inclusive and sustainable,
capable of supporting organisations in a context of accelerated
transformation.

CRediT authorship contribution statement

Mercedes Ubeda-Garcia: Writing — original draft, Visualization,
Validation, Supervision, Software, Project administration, Methodology,
Investigation, Formal analysis, Data curation, Conceptualization.
Bartolomé Marco-Lajara: Writing — review & editing, Writing — orig-
inal draft, Methodology. Patrocinio C. Zaragoza-Saez: Writing — re-
view & editing, Writing — original draft, Supervision. Esther Poveda-
Pareja: Writing — review & editing, Writing — original draft, Supervision.



M. Ubeda-Garcia et al.
References

Acemoglu, D., & Restrepo, P. (2020). Robots and jobs: Evidence from US labor markets.
Journal of Political Economy, 128(6), 2188-2244. https://doi.org/10.1086/705716

Aggarwal, V., & Stanley, D. S. (2024). Relationship among e-HRM, workforce agility,
technostress and work engagement: Techno HRM engagement model (THEM).
Psychological Studies, 1-14. https://doi.org/10.1007/5s12646-024-00811-4

Ammirato, S., Felicetti, A. M., Linzalone, R., Corvello, V., & Kumar, S. (2023). Still our
most important asset: A systematic review on human resource management in the
midst of the fourth industrial revolution. Journal of Innovation & Knowledge, 8(3),
Article 100403. https://doi.org/10.1016/].jik.2023.100403

Arslan, A., Cooper, C., Khan, Z., Golgeci, L., & Ali, I. (2022). Artificial intelligence and
human workers interaction at team level: A conceptual assessment of the challenges
and potential HRM strategies. International Journal of Manpower, 43(1), 75-88.
https://doi.org/10.1108/1JM-01-2021-0052

Bag, S., Pretorius, J. H. C., Gupta, S., & Dwivedi, Y. K. (2021). Role of institutional
pressures and resources in the adoption of big data analytics powered artificial
intelligence, sustainable manufacturing practices and circular economy capabilities.
Technological Forecasting and Social Change, 163, Article 120420. https://doi.org/
10.1016/j.techfore.2020.120420

Bamel, U., Kumar, S., Lim, W. M., Bamel, N., & Meyer, N. (2022). Managing the dark side
of digitalization in the future of work: A fuzzy TISM approach. Journal of Innovation
& Knowledge, 7(4), Article 100275. https://doi.org/10.1016/].jik.2022.100275

Batagelj, V., & Cerinsek, M. (2013). On bibliographic networks. Scientometrics, 96(3),
845-864. https://doi.org/10.1007/s11192-012-0940-1

Brougham, D., & Haar, J. (2018). Smart technology, artificial intelligence, robotics, and
algorithms (STARA): Employees’ perceptions of our future workplace. Journal of
Management & Organization, 24(2), 239-257. https://doi.org/10.1017/jmo0.2016.55

Brougham, D., & Haar, J. (2020). Technological disruption and employment: The
influence on job insecurity and turnover intentions: A multi-country study.
Technological Forecasting and Social Change, 161, Article 120276. https://doi.org/
10.1016/j.techfore.2020.120276

Callon, M., Courtial, J. P., & Laville, F. (1991). Co-word analysis as a tool for describing
the network of interactions between basic and technological research: The case of
polymer chemsitry. Scientometrics, 22, 155-205. https://doi.org/10.1007/
BF02019280

Castillo, D., Canhoto, A. 1., & Said, E. (2021). The dark side of Al-powered service
interactions: Exploring the process of co-destruction from the customer perspective.
The Service Industries Journal, 41(13-14), 900-925. https://doi.org/10.1080/
02642069.2020.1787993

Chamorro-Premuzic, T., Akhtar, R., Winsborough, D., & Sherman, R. A. (2017). The
datafication of talent: How technology is advancing the science of human potential
at work. Current Opinion in Behavioral Sciences, 18, 13-16. https://doi.org/10.1016/j.
cobeha.2017.04.007

Chen, H., Li, L., & Chen, Y. (2021). Explore success factors that impact artificial
intelligence adoption on telecom industry in China. Journal of Management Analytics,
8(1), 36-68. https://doi.org/10.1080,/23270012.2020.1852895

Chen, L., Hsieh, J. P. A., & Rai, A. (2022). How does intelligent system knowledge
empowerment yield payoffs? Uncovering the adaptation mechanisms and
contingency role of work experience. Information Systems Research, 33(3),
1042-1071. https://doi.org/10.1287/isre.2021.1097

Chowdhury, S., Dey, P., Joel-Edgar, S., Bhattacharya, S., Rodriguez-Espindola, O.,
Abadie, A., & Truong, L. (2023a). Unlocking the value of artificial intelligence in
human resource management through Al capability framework. Human Resource
Management Review, 33(1), Article 100899. https://doi.org/10.1016/j.
hrmr.2022.100899

Choudhary, V., Marchetti, A., Shrestha, Y. R., & Puranam, P. (2025). Human-Al
ensembles: When can they work? Journal of Management, 51(2), 536-569. https://
doi.org/10.1016/j.hrmr.2022.100899

Chowdhury, S., Joel-Edgar, S., Dey, P. K., Bhattacharya, S., & Kharlamov, A. (2023b).
Embedding transparency in artificial intelligence machine learning models:
Managerial implications on predicting and explaining employee turnover. The
International Journal of Human Resource Management, 34(14), 2732-2764. https://
doi.org/10.1080/09585192.2022.2066981

Cobo Martin, M. J. (2012). SciMAT: Herramienta software para el andlisis de la evolucion del
conocimiento cientifico. propuesta de una metodologia de evaluacion. Granada:
Universidad de Granada.

Cobo, M. J., Lopez-Herrera, A. G., Herrera-Viedma, E., & Herrera, F. (2012). SciMAT: A
new science mapping analysis software tool. Journal of the American Society for
information Science and Technology, 63(8), 1609-1630. https://doi.org/10.1002/
asi.22688

Colther, C., & Doussoulin, J. P. (2024). Artificial intelligence: Driving force in the
evolution of human knowledge. Journal of Innovation & Knowledge, 9(4), Article
100625. https://doi.org/10.1016/j.jik.2024.100625

D’Amore, G., Di Vaio, A., Balsalobre-Lorente, D., & Boccia, F. (2022). Artificial
intelligence in the water—energy—food model: A holistic approach towards
sustainable development goals. Sustainability, 14(2), 867. https://doi.org/10.3390/
su14020867

Dabié, M., Maley, J. F., Svarc, J., & Pocek, J. (2023). Future of digital work: Challenges
for sustainable human resources management. Journal of Innovation & Knowledge, 8
(2), Article 100353. https://doi.org/10.1016/j.jik.2023.100353

Del Giudice, M., Scuotto, V., Orlando, B., & Mustilli, M. (2023). Toward the
human-centered approach. A revised model of individual acceptance of Al. Human
Resource Management Review, 33(1), Article 100856. https://doi.org/10.1016/j.
hrmr.2021.100856

11

Journal of Innovation & Knowledge 10 (2025) 100809

del Val Ntnez, M. T., de Lucas Ancillo, A., Gavrila, S. G., & Gandia, J. A. G. (2024).
Technological transformation in HRM through knowledge and training: Innovative
business decision making. Technological Forecasting and Social Change, 200, Article
123168. https://doi.org/10.1016/j.techfore.2023.123168

Deng, C., Li, H., Wang, Y., & Zhu, R. (2024). The double-edged sword in the digitalization
of human resource management: Person-environment fit perspective. Journal of
Business Research, 180, Article 114738. https://doi.org/10.1016/].
jbusres.2024.114738

Di Vaio, A., Hassan, R., & Alavoine, C. (2022). Data intelligence and analytics: A
bibliometric analysis of human-Artificial intelligence in public sector decision-
making effectiveness. Technological Forecasting and Social Change, 174, Article
121201. https://doi.org/10.1016/j.techfore.2021.121201

Donthu, N., Kumar, S., Mukherjee, D., Pandey, N., & Lim, W. M. (2021). How to conduct
a bibliometric analysis: An overview and guidelines. Journal of business research, 133,
285-296. https://doi.org/10.1016/j.jbusres.2021.04.070

Doshi, A. R., Bell, J. J., Mirzayev, E., & Vanneste, B. S. (2024). Generative artificial
intelligence and evaluating strategic decisions. Strategic Management Journal, 1-28.
https://doi.org/10.1002/smj.3677

Dutta, D., Mishra, S. K., & Tyagi, D. (2023). Augmented employee voice and employee
engagement using artificial intelligence-enabled chatbots: A field study. The
International Journal of Human Resource Management, 34(12), 2451-2480. https://
doi.org/10.1080/09585192.2022.2085525

Ferras-Hernandez, X. (2018). The future of management in a world of electronic brains.
Journal of Management Inquiry, 27(2), 260-263. https://doi.org/10.1177/
1056492617724973

Furstenau, L. B., Rabaioli, B., Sott, M. K., Cossul, D., Bender, M. S., Farina, E. M. J. D. M.,
... Bragazzi, N. L. (2021). A bibliometric network analysis of coronavirus during the
first eight months of COVID-19 in 2020. International Journal of Environmental
Research and Public Health, 18(3), 952. https://doi.org/10.3390/ijerph18030952

Ghosh, N., & Itam, U. (2020). Employee experience design: An innovation for sustainable
human capital management practices. Handbook of research on managerial practices
and disruptive innovation in asia (pp. 110-127). IGI Global.

Glikson, E., & Woolley, A. W. (2020). Human trust in artificial intelligence: Review of
empirical research. Academy of Management Annals, 14(2), 627-660. https://doi.
org/10.5465/annals.2018.0057

Govindaraju, V., Kumar, S., & Velusamy, K. (2025). Integrating intelligent process
automation with Human resource management for enhancing efficiency and
strategic decision-making. Advancements in intelligent process automation (pp. 23-50).
IGI Global Scientific Publishing. https://doi.org/10.4018/979-8-3693-5380-6.ch002

Gowrishankkar, V., Shanmugam, V., Muhammed, A. A., Sanjeevan, B., Veerachamy, R.,
& Maheswaran, M. (2025). Human resource management in the epoch of generative
ATL: Opportunities and challenges. Advancements in Intelligent Process Automation,
51-78. https://doi.org/10.4018/979-8-3693-5380-6.ch003

Graetz, G., & Michaels, G. (2018). Robots at work. Review of Economics and Statistics, 100
(5), 753-768. https://doi.org/10.1162/rest_a_00754

Graf, B., & Antoni, C. H. (2021). The relationship between information characteristics
and information overload at the workplace-a meta-analysis. European Journal of
Work and Organizational Psychology, 30(1), 143-158. https://doi.org/10.1080/
1359432X.2020.1813111

Han, L. (2024). Challenges and opportunities for corporate Human resource management
in the context of artificial intelligence. International Journal of Global Economics and
Management, 2(2), 147-152. https://doi.org/10.62051/ijgem.v2n2.20

Harzing, A. W., & Alakangas, S. (2016). Google Scholar, Scopus and the Web of Science:
A longitudinal and cross-disciplinary comparison. Scientometrics, 106, 787-804.
https://doi.org/10.1007/s11192-015-1798-9

Hu, P., Gong, Y., Lu, Y., & Ding, A. W. (2023). Speaking vs. listening? Balance
conversation attributes of voice assistants for better voice marketing. International
Journal of Research in Marketing, 40(1), 109-127. https://doi.org/10.1016/j.
ijresmar.2022.04.006

Huang, M. H., & Rust, R. T. (2018). Artificial intelligence in service. Journal of service
research, 21(2), 155-172. https://doi.org/10.1016/j.ijresmar.2022.04.006

Huang, M. H., Rust, R., & Maksimovic, V. (2019). The feeling economy: Managing in the
next generation of artificial intelligence (AI). California Management Review, 61(4),
43-65. https://doi.org/10.1177/0008125619863436

Jaiswal, A., Arun, C. J., & Varma, A. (2022). Rebooting employees: Upskilling for
artificial intelligence in multinational corporations. International Journal of Human
Resource Management, 33(6), 1179-1208. https://doi.org/10.1080/
09585192.2021.1891114

Kellogg, K. C., Valentine, M. A., & Christin, A. (2020). Algorithms at work: The new
contested terrain of control, 14 pp. 366-410). Academy of Management Annals.
https://doi.org/10.1111/1748-8583.12511

Kim, B. J., & Kim, M. J. (2024). How artificial intelligence-induced job insecurity shapes
knowledge dynamics: The mitigating role of artificial intelligence self-efficacy.
Journal of Innovation & Knowledge, 9(4), Article 100590. https://doi.org/10.1016/j.
jik.2024.100590

Kim, S., Khoreva, V., & Vaiman, V. (2024). Strategic Human resource management in the
era of algorithmic technologies: Key insights and future research agenda. Human
Resource Management. https://doi.org/10.1002/hrm.22268

Kim, S., Wang, Y., & Boon, C. (2021). Sixty years of research on technology and human
resource management: Looking back and looking forward. Human Resource
Management, 60(1), 229-247. https://doi.org/10.1002/hrm.22049

Kong, H., Yuan, Y., Baruch, Y., Bu, N., Jiang, X., & Wang, K. (2021). Influences of
artificial intelligence (AI) awareness on career competency and job burnout.
International Journal of Contemporary Hospitality Management, 33(2), 717-734.
https://doi.org/10.1108/IJCHM-07-2020-0789


https://doi.org/10.1086/705716
https://doi.org/10.1007/s12646-024-00811-4
https://doi.org/10.1016/j.jik.2023.100403
https://doi.org/10.1108/IJM-01-2021-0052
https://doi.org/10.1016/j.techfore.2020.120420
https://doi.org/10.1016/j.techfore.2020.120420
https://doi.org/10.1016/j.jik.2022.100275
https://doi.org/10.1007/s11192-012-0940-1
https://doi.org/10.1017/jmo.2016.55
https://doi.org/10.1016/j.techfore.2020.120276
https://doi.org/10.1016/j.techfore.2020.120276
https://doi.org/10.1007/BF02019280
https://doi.org/10.1007/BF02019280
https://doi.org/10.1080/02642069.2020.1787993
https://doi.org/10.1080/02642069.2020.1787993
https://doi.org/10.1016/j.cobeha.2017.04.007
https://doi.org/10.1016/j.cobeha.2017.04.007
https://doi.org/10.1080/23270012.2020.1852895
https://doi.org/10.1287/isre.2021.1097
https://doi.org/10.1016/j.hrmr.2022.100899
https://doi.org/10.1016/j.hrmr.2022.100899
https://doi.org/10.1016/j.hrmr.2022.100899
https://doi.org/10.1016/j.hrmr.2022.100899
https://doi.org/10.1080/09585192.2022.2066981
https://doi.org/10.1080/09585192.2022.2066981
http://refhub.elsevier.com/S2444-569X(25)00154-4/sbref0020
http://refhub.elsevier.com/S2444-569X(25)00154-4/sbref0020
http://refhub.elsevier.com/S2444-569X(25)00154-4/sbref0020
https://doi.org/10.1002/asi.22688
https://doi.org/10.1002/asi.22688
https://doi.org/10.1016/j.jik.2024.100625
https://doi.org/10.3390/su14020867
https://doi.org/10.3390/su14020867
https://doi.org/10.1016/j.jik.2023.100353
https://doi.org/10.1016/j.hrmr.2021.100856
https://doi.org/10.1016/j.hrmr.2021.100856
https://doi.org/10.1016/j.techfore.2023.123168
https://doi.org/10.1016/j.jbusres.2024.114738
https://doi.org/10.1016/j.jbusres.2024.114738
https://doi.org/10.1016/j.techfore.2021.121201
https://doi.org/10.1016/j.jbusres.2021.04.070
https://doi.org/10.1002/smj.3677
https://doi.org/10.1080/09585192.2022.2085525
https://doi.org/10.1080/09585192.2022.2085525
https://doi.org/10.1177/1056492617724973
https://doi.org/10.1177/1056492617724973
https://doi.org/10.3390/ijerph18030952
http://refhub.elsevier.com/S2444-569X(25)00154-4/sbref0036
http://refhub.elsevier.com/S2444-569X(25)00154-4/sbref0036
http://refhub.elsevier.com/S2444-569X(25)00154-4/sbref0036
https://doi.org/10.5465/annals.2018.0057
https://doi.org/10.5465/annals.2018.0057
https://doi.org/10.4018/979-8-3693-5380-6.ch002
https://doi.org/10.4018/979-8-3693-5380-6.ch003
https://doi.org/10.1162/rest_a_00754
https://doi.org/10.1080/1359432X.2020.1813111
https://doi.org/10.1080/1359432X.2020.1813111
https://doi.org/10.62051/ijgem.v2n2.20
https://doi.org/10.1007/s11192-015-1798-9
https://doi.org/10.1016/j.ijresmar.2022.04.006
https://doi.org/10.1016/j.ijresmar.2022.04.006
https://doi.org/10.1016/j.ijresmar.2022.04.006
https://doi.org/10.1177/0008125619863436
https://doi.org/10.1080/09585192.2021.1891114
https://doi.org/10.1080/09585192.2021.1891114
https://doi.org/10.1111/1748-8583.12511
https://doi.org/10.1016/j.jik.2024.100590
https://doi.org/10.1016/j.jik.2024.100590
https://doi.org/10.1002/hrm.22268
https://doi.org/10.1002/hrm.22049
https://doi.org/10.1108/IJCHM-07-2020-0789

M. Ubeda-Garcia et al.

Krakowski, S., Luger, J., & Raisch, S. (2023). Artificial intelligence and the changing
sources of competitive advantage. Strategic Management Journal, 44(6), 1425-1452.
https://doi.org/10.1002/smj.3387

Kraus, S., Ferraris, A., & Bertello, A. (2023). The future of work: How innovation and
digitalization re-shape the workplace. Journal of Innovation & Knowledge, 8(4),
Article 100438. https://doi.org/10.1016/j.jik.2023.100438

Langer, M., & Konig, C. J. (2023). Introducing a multi-stakeholder perspective on
opacity, transparency and strategies to reduce opacity in algorithm-based human
resource management. Human Resource Management Review, 33(1), Article 100881.
https://doi.org/10.1016/j.hrmr.2021.100881

Leicht-Deobald, U., Busch, T., Schank, C., Weibel, A., Schafheitle, S., Wildhaber, I., &
Kasper, G. (2022). The challenges of algorithm-based HR decision-making for
personal integrity. Business and the ethical implications of technology (pp. 71-86).
Cham: Springer Nature Switzerland. https://doi.org/10.1007/978-3-031-18794-0_5

Li, P., Bastone, A., Mohamad, T. A., & Schiavone, F. (2023). How does artificial
intelligence impact human resources performance. Evidence from a healthcare
institution in the United Arab Emirates. Journal of Innovation & Knowledge, 8(2),
Article 100340. https://doi.org/10.1016/].jik.2023.100340

Lim, J. (2021). Scalable fog computing orchestration for reliable cloud task scheduling.
Applied Sciences, 11(22), Article 10996. https://doi.org/10.3390/app112210996

Macke, J., & Genari, D. (2019). Systematic literature review on sustainable human
resource management. Journal of Cleaner Production, 208, 806-815. https://doi.org/
10.1016/j.jclepro.2018.10.091

Maddikunta, P. K. R., Pham, Q. V., Prabadevi, B., Deepa, N., Dev, K., Gadekallu, T. R., ...
Liyanage, M. (2022). Industry 5.0: A survey on enabling technologies and potential
applications. Journal of Industrial Information Integration, 26, Article 100257. https://
doi.org/10.1016/j.jii.2021.100257

Makridis, C. A., & Han, J. H. (2021). Future of work and employee empowerment and
satisfaction: Evidence from a decade of technological change. Technological
Forecasting and Social Change, 173, Article 121162. https://doi.org/10.1016/j.
techfore.2021.121162

Malhotra, A. (2021). The postpandemic future of work. Journal of management, 47(5),
1091-1102. https://doi.org/10.1177/01492063211000435

Malik, A., Budhwar, P., Mohan, H., & NR, S. (2023). Employee experience-the missing
link for engaging employees: Insights from an MNE’s Al-based HR ecosystem. Human
Resource Management, 62(1), 97-115. https://doi.org/10.1002/hrm.22133

Malik, N., Tripathi, S. N., Kar, A. K., & Gupta, S. (2021). Impact of artificial intelligence
on employees working in industry 4.0 led organizations. International Journal of
Manpower, 43(2), 334-354. https://doi.org/10.1108/1JM-03-2021-0173

Malin, C. D., FleiB, J., Seeber, 1., Kubicek, B., Kupfer, C., & Thalmann, S. (2024). The
application of Al in digital HRM-an experiment on human decision-making in
personnel selection. Business Process Management Journal, 30(8), 284-312. https://
doi.org/10.1108/BPMJ-11-2023-0884

Manroop, L., Malik, A., & Milner, M. (2024). The ethical implications of big data in
human resource management. Human Resource Management Review, 34(2), Article
101012. https://doi.org/10.1016/j.hrmr.2024.101012

Mishra, A. N., Raj, A., & Pani, A. K. (2020). Construal level research in decision making:
Analysis and pushing forward the debate using bibliometric review and thematic
analysis. Mishra, Arindra N, 106-135. https://doi.org/10.37625/abr.23.1.106-135

Nguyen, M., Pontes, N., Malik, A., Gupta, J., & Gugnani, R. (2024). Impact of high
involvement work systems in shaping power, knowledge sharing, rewards and
knowledge perception of employees. Journal of Knowledge Management. https://doi.
org/10.1108/JKM-04-2023-0345

Oswald, F. L., Behrend, T. S., Putka, D. J., & Sinar, E. (2020). Big data in industrial-
organizational psychology and human resource management: Forward progress for
organizational research and practice. Annual Review of Organizational Psychology and
Organizational Behavior, 7(1), 505-533. https://doi.org/10.1146/annurev-orgpsych-
032117-104553

Petani, F. J., & Mengis, J. (2023). Technology and the hybrid workplace: The affective
living of IT-enabled space. The International Journal of Human Resource Management,
34(8), 1530-1553. https://doi.org/10.1080/09585192.2021.1998186

Pfeffer, J. (2020). The role of the general manager in the new econonty: Can we save people
from technology dysfunctions? (pp. 67-92) Springer International Publishing.

Radonji¢, A., Duarte, H., & Pereira, N. (2024). Artificial intelligence and HRM: HR
managers’ perspective on decisiveness and challenges. European Management
Journal, 42(1), 57-66. https://doi.org/10.1016/j.emj.2022.07.001

Raghavan, M., Barocas, S., Kleinberg, J., & Levy, K. (2020). Mitigating bias in
algorithmic hiring: Evaluating claims and practices. In Proceedings of the 2020
conference on fairness, accountability, and transparency (pp. 469—481). https://dl.acm.
org/doi/10.1145/3351095.3372828.

Robinson, S., Orsingher, C., Alkire, L., De Keyser, A., Giebelhausen, M.,

Papamichail, K. N., ... Temerak, M. S. (2020). Frontline encounters of the Al kind:
An evolved service encounter framework. Journal of Business Research, 116,
366-376. https://doi.org/10.1016/j.jbusres.2019.08.038

Rodgers, W., & Gago, S. (2001). Cultural and ethical effects on managerial decisions:
Examined in a throughput model. Journal of Business Ethics, 31(4), 355-367. https://
doi.org/10.1023/A:1010777917540

Rodgers, W., Murray, J. M., Stefanidis, A., Degbey, W. Y., & Tarba, S. Y. (2023). An
artificial intelligence algorithmic approach to ethical decision-making in human
resource management processes. Human Resource Management Review, 33(1), Article
100925. https://doi.org/10.1016/j.hrmr.2022.100925

Rubel, M. R. B., & Rimi, N. N. (2024). Green Human resource management and Circular
economy practices in Green garment organizations in Bangladesh: Mediating effect

12

Journal of Innovation & Knowledge 10 (2025) 100809

of Green innovation. Green human resource management: A view from global south
countries (pp. 387-405). Singapore: Springer Nature Singapore.

Samanvitha, C., Dharmendra, H., Nethravathi, N., & Velmurugan, P. R. (2025). Artificial
intelligence for sustainable futures: Navigating social and environmental
responsibility. Advancements in intelligent process automation (pp. 129-154). IGI
Global.

Santana, M., & Cobo, M. J. (2020). What is the future of work? A science mapping
analysis. European Management Journal, 38(6), 846-862. https://doi.org/10.1016/].
€mj.2020.04.010

Shao, Y., Huang, C., Song, Y., Wang, M., Song, Y. H., & Shao, R. (2024). Using
augmentation-based Al tool at work: A daily investigation of learning-based benefit
and challenge. Journal of Management. , Article 01492063241266503. https://doi.
org/10.1177/01492063241266503

Singh, A., & Pandey, J. (2024). Artificial intelligence adoption in extended HR
ecosystems: Enablers and barriers. An abductive case research. Frontiers in
Psychology, 14, Article 1339782. https://doi.org/10.3389/fpsyg.2023.1339782

Sniezek, J. A., Wilkins, D. C., Wadlington, P. L., & Baumann, M. R. (2002). Training for
crisis decision-making: Psychological issues and computer-based solutions. Journal of
Management Information Systems, 18(4), 147-168. https://doi.org/10.1080/
07421222.2002.11045704

Song, Y., & Wu, R. (2021). Analysing human-computer interaction behaviour in human
resource management system based on artificial intelligence technology. Knowledge
Management Research & Practice, 1-10. https://doi.org/10.1080/
14778238.2021.1955630

Sott, M. K., Furstenau, L. B., Kipper, L. M., Reckziegel Rodrigues, Y. P., Lopez-

Robles, J. R., Giraldo, F. D., & Cobo, M. J. (2021). Process modeling for smart
factories: Using science mapping to understand the strategic themes, main
challenges and future trends. B Process Manag Journal, 27(5),
1391-1417. https://doi.org/10.1108/BPMJ-05-2020-0181

Sutarto, A. P., Wardaningsih, S., & Putri, W. H. (2022). Factors and challenges
influencing work-related outcomes of the enforced work from home during the
COVID-19 pandemic: Preliminary evidence from Indonesia. Global Business and
Organizational Excellence, 41(5), 14-28. https://doi.org/10.1002/joe.22157

Tambe, P., Cappelli, P., & Yakubovich, V. (2019). Artificial intelligence in human
resources management: Challenges and a path forward. California Management
Review, 61(4), 15-42. https://doi.org/10.1177/0008125619867910

Trocin, C., Hovland, I. V., Mikalef, P., & Dremel, C. (2021). How Artificial intelligence
affords digital innovation: A cross-case analysis of Scandinavian companies.
Technological Forecasting and Social Change, 173, Article 121081. https://doi.org/
10.1016/j.techfore.2021.121081

Tummalapalli, H. K., Rao, A. N., Kamal, G., Kumari, N., & Kumar, J. S. (2025). Exploring
Al-driven management: Impact on organizational performance, decision making,
efficiency, and employee engagement. Journal of Advanced Research in Applied
Sciences and Engineering Technology, 52(2), 148-163. https://doi.org/10.37934/
araset.52.2.148163

Tursunbayeva, A. (2024). Artificial intelligence and Human resource management.
Augmenting human resource management with artificial intelligence: Towards an
inclusive, sustainable, and responsible future (pp. 1-8). Cham: Springer Nature
Switzerland. https://doi.org/10.1007/978-3-031-75266-7_1

Van den Broek, E., Sergeeva, A., & Huysman, M. (2021). When the machine meets the
expert: An ethnography of developing Al for hiring. MIS Quarterly, 45(3),
1557-1580. https://doi.org/10.25300/MISQ/2021/16559

van Woerkom, M. (2021). Building positive organizations: A typology of positive
psychology interventions. Frontiers in Psychology, 12, Article 769782. https://doi.
org/10.3389/fpsyg.2021.769782

Vassilopoulou, J., Kyriakidou, O., Ozbilgin, M. F., & Groutsis, D. (2024). Scientism as
illusio in HR algorithms: Towards a framework for algorithmic hygiene for bias
proofing. Human Resource Management Journal, 34(2), 311-325. https://doi.org/
10.1111/1748-8583.12430

Wan, X., & Chen, H. (2024). A research on the influence mechanism of humanization
degree of service robots on user misbehavior. Management Decision. https://doi.org/
10.1108/MD-08-2023-1466

Wood, G., & Budhwar, P. (2014). Advancing theory and research and the British Journal
of Management. British Journal of Management, 25(1), 1-3. https://doi.org/10.1111/
1467-8551.12047

Wuni, I. Y., Shen, G. Q., & Osei-Kyei, R. (2019). Scientometric review of global research
trends on green buildings in construction journals from 1992 to 2018. Energy and
Buildings, 190, 69-85. https://doi.org/10.1016/j.enbuild.2019.02.010

Xu, S., Stienmetz, J., & Ashton, M. (2020). How will service robots redefine leadership in
hotel management? A Delphi approach. International Journal of Contemporary
Hospitality Management, 32(6), 2217-2237. https://doi.org/10.1108/1JCHM-05-
2019-0505

Yan, C., Chen, Q., Zhou, X., Dai, X., & Yang, Z. (2024). When the automated fire
backfires: The adoption of algorithm-based HR decision-making could induce
consumer’s unfavorable ethicality inferences of the company. Journal of Business
Ethics, 190(4), 841-859. https://doi.org/10.1007/510551-023-05351-x

Yang, C., Luo, Z., Xu, N., & Tang, C. (2024). Fostering career crafting by developmental
HR practices: The mediating role of future work self and moderating role of Al
awareness. Career Development International, 29(6), 641-655. https://doi.org/
10.1108/CDI-08-2023-0303

Zhou, Y., Wang, L., & Chen, W. (2023). The dark side of Al-enabled HRM on employees
based on Al algorithmic features. Journal of Organizational Change Management, 36
(7), 1222-1241. https://doi.org/10.1108/JOCM-10-2022-0308



https://doi.org/10.1002/smj.3387
https://doi.org/10.1016/j.jik.2023.100438
https://doi.org/10.1016/j.hrmr.2021.100881
https://doi.org/10.1007/978-3-031-18794-0_5
https://doi.org/10.1016/j.jik.2023.100340
https://doi.org/10.3390/app112210996
https://doi.org/10.1016/j.jclepro.2018.10.091
https://doi.org/10.1016/j.jclepro.2018.10.091
https://doi.org/10.1016/j.jii.2021.100257
https://doi.org/10.1016/j.jii.2021.100257
https://doi.org/10.1016/j.techfore.2021.121162
https://doi.org/10.1016/j.techfore.2021.121162
https://doi.org/10.1177/01492063211000435
https://doi.org/10.1002/hrm.22133
https://doi.org/10.1108/IJM-03-2021-0173
https://doi.org/10.1108/BPMJ-11-2023-0884
https://doi.org/10.1108/BPMJ-11-2023-0884
https://doi.org/10.1016/j.hrmr.2024.101012
https://doi.org/10.37625/abr.23.1.106-135
https://doi.org/10.1108/JKM-04-2023-0345
https://doi.org/10.1108/JKM-04-2023-0345
https://doi.org/10.1146/annurev-orgpsych-032117-104553
https://doi.org/10.1146/annurev-orgpsych-032117-104553
https://doi.org/10.1080/09585192.2021.1998186
http://refhub.elsevier.com/S2444-569X(25)00154-4/sbref0072
http://refhub.elsevier.com/S2444-569X(25)00154-4/sbref0072
https://doi.org/10.1016/j.emj.2022.07.001
https://dl.acm.org/doi/10.1145/3351095.3372828
https://dl.acm.org/doi/10.1145/3351095.3372828
https://doi.org/10.1016/j.jbusres.2019.08.038
https://doi.org/10.1023/A:1010777917540
https://doi.org/10.1023/A:1010777917540
https://doi.org/10.1016/j.hrmr.2022.100925
http://refhub.elsevier.com/S2444-569X(25)00154-4/sbref0079
http://refhub.elsevier.com/S2444-569X(25)00154-4/sbref0079
http://refhub.elsevier.com/S2444-569X(25)00154-4/sbref0079
http://refhub.elsevier.com/S2444-569X(25)00154-4/sbref0079
http://refhub.elsevier.com/S2444-569X(25)00154-4/sbref0080
http://refhub.elsevier.com/S2444-569X(25)00154-4/sbref0080
http://refhub.elsevier.com/S2444-569X(25)00154-4/sbref0080
http://refhub.elsevier.com/S2444-569X(25)00154-4/sbref0080
https://doi.org/10.1016/j.emj.2020.04.010
https://doi.org/10.1016/j.emj.2020.04.010
https://doi.org/10.1177/01492063241266503
https://doi.org/10.1177/01492063241266503
https://doi.org/10.3389/fpsyg.2023.1339782
https://doi.org/10.1080/07421222.2002.11045704
https://doi.org/10.1080/07421222.2002.11045704
https://doi.org/10.1080/14778238.2021.1955630
https://doi.org/10.1080/14778238.2021.1955630
https://doi.org/10.1108/BPMJ-05-2020-0181
https://doi.org/10.1002/joe.22157
https://doi.org/10.1177/0008125619867910
https://doi.org/10.1016/j.techfore.2021.121081
https://doi.org/10.1016/j.techfore.2021.121081
https://doi.org/10.37934/araset.52.2.148163
https://doi.org/10.37934/araset.52.2.148163
https://doi.org/10.1007/978-3-031-75266-7_1
https://doi.org/10.25300/MISQ/2021/16559
https://doi.org/10.3389/fpsyg.2021.769782
https://doi.org/10.3389/fpsyg.2021.769782
https://doi.org/10.1111/1748-8583.12430
https://doi.org/10.1111/1748-8583.12430
https://doi.org/10.1108/MD-08-2023-1466
https://doi.org/10.1108/MD-08-2023-1466
https://doi.org/10.1111/1467-8551.12047
https://doi.org/10.1111/1467-8551.12047
https://doi.org/10.1016/j.enbuild.2019.02.010
https://doi.org/10.1108/IJCHM-05-2019-0505
https://doi.org/10.1108/IJCHM-05-2019-0505
https://doi.org/10.1007/s10551-023-05351-x
https://doi.org/10.1108/CDI-08-2023-0303
https://doi.org/10.1108/CDI-08-2023-0303
https://doi.org/10.1108/JOCM-10-2022-0308

	Artificial intelligence, knowledge and human resource management: A systematic literature review of theoretical tensions an ...
	Introduction
	Methodology
	Database selection, search strategy and bibliometric analysis tools
	Selection of bibliometric analysis tools

	Results
	Publication trends and influential contributions
	Motor themes
	Basic or transversal themes
	Specialised themes
	Emerging themes
	Thematic evolution of AI and HRM research (2002–2024)


	Key challenges, limitations and issues of AI and HRM
	Discussion
	Theoretical contributions and implications
	Implications for practice
	Limitations
	Future research agenda

	Conclusions
	CRediT authorship contribution statement
	References


