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ABSTRACT

Artificial intelligence (AI) is revolutionising customer relationship management (CRM) across various sectors,
fundamentally altering strategic business operations. This study examines the capabilities of Al-powered CRM
systems, drawing on empirical evidence arising from thematic analyses of 64 scholarly articles and insights
gained from 24 in-depth interviews with CRM experts. The research identifies and systematically categorises
three major dimensions and eight sub-dimensions of Al-powered CRM capabilities, providing a structured
framework that encapsulates the complex interplay that occurs between these elements. These dimensions
include data management, multi-channel integration, and tailored service offerings, each underpinning the
nuanced integration of Al into CRM practices. Critically, the study integrates these findings within the theoretical
framework of the microfoundations of Dynamic Capabilities (DC), enriching the discourse on how Al can stra-
tegically enhance CRM systems and offering a nuanced understanding of the factors driving Al adoption within
CRM. By mapping these capabilities against the microfoundations of DC theory, the research delineates the
strategic implications for organisations striving to leverage Al to enhance their competitive advantage.

Introduction

Artificial intelligence (AI) is transforming industries at an unprece-
dented pace, with profound implications for customer relationship
management (CRM) systems (Kumar et al., 2023; Ozay et al., 2024). The
integration of cutting-edge AI algorithms with traditional CRM plat-
forms not only augments the capacity for analytical insight and pre-
dictive accuracy but also enables organisations to adjust their
engagement strategies pre-emptively in the light of emerging customer
dynamics (Dwivedi et al., 2021; Kumar et al., 2023; Ozay et al., 2024).
This technological infusion is pivotal in elevating the CRM’s role, from
being a transactional interface to becoming a strategic asset, signifi-
cantly enhancing customer experience and, consequently, driving robust
business performance (Li & Xu, 2022; Payne & Frow, 2005). Current
market projections estimate that the global CRM market will expand
from USD 18.1 billion in 2021 to USD 25.7 billion by 2032, growing at a
compound annual growth rate (CAGR) of 3.2 % over this period
(Business Research Insights, 2024). Despite these promising forecasts, a
dichotomy exists, as numerous organisations continue to struggle to
harness the full potential of these advanced systems.

Parallel to these technological advancements, scholarly discourse on
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CRM has evolved considerably, mirroring the transition towards so-
phisticated, technology-driven practices that underscore the strategic
imperative for nurturing deep, meaningful customer relationships
(Chatterjee et al., 2022a; Liu et al., 2020; Nicolescu & Ripa, 2024). In
contemporary settings, Al-powered CRM systems emerge as formidable
enablers, facilitating the nuanced collection, analysis and person-
alisation of customer data, consequently facilitating automated mar-
keting initiatives and providing personalised customer interactions
(Campbell et al., 2020; Chen & Jai, 2021; Chung et al., 2016).
Moreover, the integration of Einstein GPT into the Salesforce CRM
platform has led to the automation of tasks and generated consistent Al-
driven responses, providing significant benefits to both the company and
its clients (Nieva, 2023). By leveraging these Al-powered CRM capa-
bilities, organisations can optimise and revolutionise their customer
interactions and acquire precious insights that will help them to clarify
the broad patterns within customer behaviour, enhancing their opera-
tional efficiency and informed decision-making processes (Kozinets &
Gretzel, 2021; Lahiri, 2023). Despite its advantages, research has shown
that implementing Al-powered CRM presents considerable practical
challenges for businesses (Chatterjee et al., 2021d; Guerola-Navarro
etal., 2021). One prominent challenge arises from the heavy reliance on
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customer data to customise individuals’ preferences and personalise
their experiences (Ameen et al., 2021). Nonetheless, the increasing
number of data breaches, particularly those that affect popular com-
panies such as Facebook (O’Flaherty, 2021), AT&T (Knutsson, 2023)
and T-Mobile (Hale, 2023), among others, have increased the concerns
among customers about sharing their personal information, making
establishing trust and rapport in the digital age a progressively complex
challenge (Martin et al., 2017; Strazzullo, 2024). This challenge is
further illustrated by cases like the Consumer Financial Protection Bu-
reau (CFPB) and the U.S. Bank, where banks have been illegally
accessing customer reports for their own advantage (Hrushka, 2022).
This apprehension about sharing personal data may significantly impact
customers’ expectations and loyalty, and hinder the assessment of their
emotions and preferences, diminishing any potential offerings (Abid
et al., 2022; Cuthbertson & Laine, 2004; Jenneboer et al., 2022).
Additionally, data quality issues, including inaccurate, duplicated and
outdated information, also impact Al-powered CRM systems (Martin
et al., 2017).

Several studies have focused on Al-driven CRM capabilities across
diverse contexts. For instance, Libai et al. (2020) discuss two main
AI-CRM capabilities: the ability to leverage big customer data and the
ability to communicate as humans do. Chaudhuri et al. (2023) explore
Al-powered CRM capabilities within family businesses during crises,
comprising their sensing, seizing and transforming capabilities. Kumar
et al. (2023) outline three primary capabilities in Al-infused CRM within
the healthcare sector: clinical, service and Al-engagement capabilities.
Rahman et al. (2023) examine Al-powered CRM capability in relation to
B2B firms’ technology readiness and relationship performance.

Despite previous research on Al-powered CRM capabilities in niche
industries, the specific dimensions and sub-dimensions of these capa-
bilities across broader organisational contexts remain underexplored.
This gap persists, despite significant advances in Al-powered CRM sys-
tems, as many organisations continue to face challenges regarding their
successful implementation due to organisational resistance (Gaczek
et al., 2023), risk of customer data exploitation (Dwivedi et al., 2021),
ethical concerns and integration complexities that hinder seamless
adoption (Ledro et al., 2023). Studies have shown that CRM failure rates
can range from 18 % to 69 %, with some executives reporting failure
rates as high as 90 % when systems fail to drive business growth
(Edinger, 2018), often due to a misalignment with the organisational
infrastructure, technology integration and data governance (Batista
et al., 2020; Ledro et al., 2023; Wang et al., 2019).

Nonetheless, the broader digital revolution has fundamentally
reshaped how businesses engage with customers’ experiences, shifting
the emphasis towards digital channels (Kaur et al., 2021). This transition
accelerated dramatically during the COVID-19 pandemic, as customers
quickly adapted their behaviour, leading to a marked shift towards
digital banking services and increased adoption of Al-powered CRM
systems to maintain customer engagement and operational continuity
(Chatterjee et al., 2023; Naeem & Ozuem, 2021). While the pandemic
reinforced the importance of incorporating advanced technological in-
novations into customer management systems (Shin & Kang, 2020), a
critical gap remains in terms of understanding and optimising
Al-powered CRM capabilities (Chatterjee et al., 2023).

Given these gaps, this study explores the dimensions and sub-
dimensions of Al-powered CRM capabilities. As organisations increas-
ingly deploy Al-powered CRM systems, there is an urgent need to clarify
the distinct capabilities that these systems offer. Such an exploration can
provide valuable insights into how Al-powered CRM systems are
perceived and implemented, potentially informing strategies for
enhancing their adoption and functionality within diverse organisa-
tional contexts. The research question guiding this study is:

RQ: What are the dimensions and sub-dimensions of the Al-powered
CRM capabilities and how do these capabilities inform and extend
the existing theoretical frameworks?
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To answer this question, this research explores in depth the Al-
powered CRM systems capabilities within organisations, leveraging
the microfoundations of dynamic capabilities (DC) theory. The novelty
of this study lies in the development of an Al-powered CRM capability
framework by employing an exploratory research methodology that
combines a six-step scoping review with thematic analysis and in-depth
interviews. This scoping literature review builds upon the semi-
systematic literature review conducted by Alnofeli et al. (2023) and
existing systematic literature reviews (Ledro et al., 2022; Nguyen et al.,
2022; Ozay et al., 2024). This study is particularly distinguished by its
integration of insights and opinions from industry experts regarding the
capabilities of Al-powered CRM systems. A scoping review is essential
for identifying and mapping the available evidence on a specific topic,
which is especially advantageous in fields where the research is still
emerging and/or the concepts are not yet well-defined (Grant & Booth,
2009; Rumrill et al., 2010). This approach enables researchers to clarify
key concepts, identify any knowledge gaps, and lay the groundwork for
more focused and comprehensive systematic reviews, ensuring that
future research efforts are well-informed and appropriately directed
(Munn et al., 2018). This method will help researchers to comprehend
the complexities and identify potential benefits for academic research
and professional practice, fostering informed decision-making in the
digital age (Gewurtz et al., 2016; Levac et al., 2010). This study explores
eight microfoundations of Al-powered CRM under three major di-
mensions, to extend the DC theory. It aligns participants’ perspectives
with the industry landscape and addresses a key research question about
Al-driven marketing practices.

The paper is structured as follows: the next section examines relevant
Al-powered CRM literature and explores pertinent theories within this
context. Section three discusses the research methodology and presents
the data that were subjected to the analysis. Section four presents the
findings from the scoping reviews and interviews, explains the di-
mensions and sub-dimensions, and proposes a conceptual model.
Finally, section five discusses the theoretical and practical contributions,
limitations and future research directions.

Literature review
Al-powered CRM context

In today’s digital era, the imperative utilisation of generative Al
plays a pivotal role for organisations seeking to create fresh value.
Simultaneously, evolving customer expectations demand more efficient
solutions and seamless personalised experiences (Mondal et al., 2023;
Wenninger et al., 2022). This growing demand for enhanced customer
experiences highlights the significance of implementing Al-powered
CRM systems to manage and analyse the vast amount of customer
data that is generated by various channels effectively (Chatterjee et al.,
2022a; Chaudhuri et al., 2023; Kumar et al., 2023; Ledro, 2021; Li & Xu,
2022; Rahman et al., 2023; Youn & Jin, 2021; Yum et al., 2022).

While there is great potential for applying Al to CRM, many com-
panies have struggled to realise the full value of this (Mikalef et al.,
2023). The challenges include a lack of successful Al projects, limited
business gains and potential negative consequences, such as user control
and monitoring, data bias, privacy issues and loss of expertise (Dwivedi
et al., 2021). The implementation of AI in CRM raises questions
regarding the interplay between the social values (e.g., ownership, pri-
vacy, autonomy) and economic values of the AI designers and com-
panies (Monod et al., 2022).

Al-powered CRM platforms integrate advanced analytics and robust
data management practices, which has revolutionised customer service
and operational efficiency across industries such as banking, healthcare,
hospitality, airlines, retail and many others (Chiang, 2019; Jha, 2022;
Kumar et al., 2023; Omoge et al., 2022; Talon-Ballestero et al., 2018;
Wang & Hajli, 2017). These platforms enable organisations to leverage
data analytics, a critical component of Al-powered CRM, to extract
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Table 1
Relevant studies on Al-powered CRM stream.
Study Al-powered CRM definition Theoretical foundation  Study type Key findings
Baabdullah The process of utilising Al automation to improve Technology- Empirical Study The acceptance and attitudes of employees, as well as
etal. (2021)  B2B business performance organisation- Examined B2B SME's (n  the technology road mapping, have a significant

Chatterjee
et al.
(2021b)

Chatterjee
et al.
(2022b)

Ling et al.
(2021)

Li and Xu
(2022)

Monod et al.
(2023)

Suoniemi
et al. (2021)

Youn and Jin
(2021)

Zhang et al.
(2020)

The process of integrating Al into the CRM systems
to analyse late customer data to help organisations
with their decision-making

Al-powered CRM is characterised by the
integration of Al technologies with traditional
CRM systems, facilitating the delivery of
personalised services and real-time customer
segmentation. This integration enables
organisations to leverage Al capabilities in
enhancing customer experiences, tailoring
offerings to individual preferences, and
dynamically categorising customers based on up-
to-date information.

The process of utilising conversational agents
powered by Al, natural language processing, and
voice recognition within CRM.

The process of utilising advanced Al technologies
in CRM systems to enhance SMEs’ consumer
knowledge maintenance (CKM) and creativity,
clarifying customer preferences and fostering
personalised connections.

Al-powered CRM refers to the implementation of
algorithms based on Al in the CRM context, which
will enable businesses to create new revenue
opportunities.

CRM-based technology refers to the strategic
utilisation of information technology capabilities
to enhance customer service, foster loyalty and
optimise operational efficiency.

The process of leveraging Al-enabled solutions, like
chatbots or digital assistants, to optimise
relationship marketing strategies. Its primary focus
is on cultivating prosperous consumer-brand
relationships by fostering trust, satisfaction and
commitment.

The process of utilising Big Data Analytical
Intelligence (BDAI) to enhance the effectiveness
and efficiency of mass customisation to achieve
better CRM performance. It involves tailoring the
interface of CRM systems to align it with
customers’ specific processing styles, and
leveraging BDAI to analyse large volumes of data
and derive insights that facilitate personalised
interactions and improved customer experiences.

environment (TOE)
theory

Technology acceptance
model (TAM2)

Resource-based view
(RBV) theory and
status quo bias theory

Consumers cognitive
engagement

Resource-based view
(RBV)

Value sensitive design
theory

Resource-based view
(RBV)

Brand personality

Resource-based view
(RBV), DC

=392)
Saudi Arabia

Empirical Study
Examined employees of
agile organisations

(n = 326)

India

Empirical Study
Examined employees
from the Bombay Stock
Exchange (BSE)
(n=341)

India

Systematic Review
(n = 18) Articles

Empirical Study

(n = 15) consumer
invoices
Switzerland and
Germany

Case Study

(n = 34) Interviews
China

Empirical study
Survey of (n = 148) IT
managers and

(n = 474) end-users.

Experimental Study
(n = 605) participants
United States of
America

Empirical Study
Survey (n = 147) B2B
companies

China

impact on facilitating AI systems. However, the
expertise of individual professionals lacks a
significant influence in this regard.

The proposed conceptual model indicates that Al-
powered CRM has a strong potential to enhance the
capabilities of agile organisations.

The study emphasises the significance of
microfoundations, specifically individual
stakeholders, in shaping digital strategies and the
digital transformation journey within organisations.
The findings suggest that the ability to personalise
experiences has a positive, significant influence on
the intention to adopt Al-enabled CRM ecosystem-
based business models.

The factors that were identified to impact the
cognitive engagement between humans and
machines were classified into categories including
usage-related, agent-related, user-related, attitude
and evaluation, along with other factors.

The data assessment revealed that customers
demonstrate an awareness of Al-enabled
technologies, recognise the effectiveness of the
technique being investigated and exhibit loyalty
towards these technologies.

The findings indicate that, instead of providing
support to sales associates, the Al Sales Assistant has
been transformed into a system that is focused solely
on tracking and monitoring them.

CRM system capability has a direct impact on IT
capability, productivity gains and productivity gain
discrepancy. System quality acts as a critical
mediator, influencing organisational performance
through strategic- and project-level IT capabilities.
Additionally, system quality plays a dual role in
driving organisational productivity gains.

Chatbots employed in CRM can establish virtual
assistantship and brand representation, impacting
various CRM dimensions and eliciting distinct levels
of parasocial interaction.

Managers should prioritise the allocation of
resources for developing and assimilating BDAI to
enhance CRM systems. Marketing and mass-
customisation capabilities play vital roles in
leveraging BDAI for advanced CRM performance.
Managers should consider both external competitive
pressures as well as internal factors when driving
BDAI implementation.

actionable insights from vast customer data sets (De Caigny et al., 2020;
Gupta et al., 2020; Holmlund et al., 2020). By effectively managing and
analysing this data, organisations can optimise their service offerings,
deliver personalised experiences and enhance customer satisfaction
(Chatterjee et al., 2022a; Story et al., 2017; Wang et al., 2011). More-
over, the integration of Al-powered CRM facilitates multichannel inte-
gration, enabling seamless customer interactions across various
touchpoints, such as online platforms, mobile applications and physical
stores (Awasthi & Sangle, 2012; Chang & Zhang, 2016; Gao et al., 2020;
Hossain et al., 2020b). This integration ensures a consistent, cohesive
customer experience, fostering customer loyalty and driving business
growth (Chen & Jai, 2021; Prentice & Nguyen, 2020; Tuguinay et al.,
2022). Table 1 outlines the existing literature on Al-powered CRM.
The table presented above provides an overview of the extant

scholarly works that employ the resource-based view (RBV) framework.
Primarily, these studies concentrate on the firm’s capacity to manage
valuable resources and their alignment with the firm’s resource base as
fundamental components for achieving a competitive advantage
(Chatterjee et al., 2022a; Suoniemi et al., 2021). Several studies
acknowledge the significance of the technology-organisation-
environment (TOE) framework, the technology acceptance model 2
(TAM2) and the concept of DC in facilitating success, performance
improvement and the delivery of superior value during technology
implementation (Baabdullah et al., 2021; Chatterjee et al., 2021b). The
study reveals a notable gap in the existing research pertaining to
Al-powered CRM -capabilities. Consequently, leveraging the micro-
foundations of the DC Theory, this study aims to construct a conceptual
model tailored to Al-powered CRM capabilities, with a specific focus on
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the marketing domain.
Microfoundations of dynamic capabilities (DC) theory

Microfoundations encompass the underlying individual and group-
level actions that shape strategic decision-making and organisational
structure, ultimately contributing to the development of DC (Bojesson &
Fundin, 2021; Teece, 2007). These microfoundations serve as the
building blocks for superior organisational performance, as they estab-
lish the foundation for effective coordination, resource integration and
adaptation to changing environments (Dixon et al., 2014). DC is con-
ceptualised as the organisational capacity to integrate, cultivate and
reconfigure efficiently the internal and external competencies to
respond effectively to and navigate the rapidly changing, dynamic
business environment (Ambrosini & Bowman, 2009; Teece et al., 1997;
Wang & Ahmed, 2007; Zahra et al., 2006). The microfoundations of DC
refer to the underlying, individual-level processes and practices that
enable organisations to develop, integrate and reconfigure their re-
sources and capabilities to adapt to changing environments and achieve
sustained performance improvement (Magistretti et al., 2021; Teece,
2007).

A critical emphasis within the microfoundations concept is the
importance of understanding how the behaviour and decision-making of
individual actors, such as managers and employees, contribute to the
development of DC at the organisational level (Akter et al., 2021). This
includes examining how individuals acquire and share knowledge, co-
ordinate activities and manage resources to support the organisation’s
ability to change and improve over time (Chen et al., 2023). Despite the
significance of individual actors, the majority of studies in the
Al-powered CRM context primarily concentrate on organisational-level
concerns, often overlooking the significant role played by managers
and individuals in this context of research (Hallikainen et al., 2020). A
recent study by Chatterjee et al. (2022b) adopted the RBV theory to
explore the role of microfoundations in understanding the actions of
individual actors in identifying opportunities for developing reconfi-
guring capabilities, particularly in relation to utilising AI-CRM tech-
nology to gain a competitive advantage.

The research presented in this paper aims to clarify the micro-level
mechanisms driving the development of DC, including the absorptive
capacity, organisational learning and resource allocation processes
(Hutton et al., 2021). The aim is to clarify how the microfoundations of
DC evolve and transform within organisations, as well as to explore
potential strategies for fostering and improving Al-powered CRM
capabilities.

The use of the microfoundations of DC theory in the literature review
provides a relevant theoretical framework for contextualising this study
within the broader landscape of dynamic organisational processes. This
framework is crucial for examining how firms develop capabilities at the
micro-level (Helfat & Peteraf, 2015; Teece, 2007). By investigating these
processes, this study aims to explore how Al-powered CRM capabilities
evolve and transform within organisations, focusing on the key capa-
bilities that underpin Al-powered CRM systems and how these are
manifested across different organisational contexts.

The integration of Al into CRM has been explored in relation to the
dynamic capability view (DCV), yet the existing studies remain largely
macro-level and fail to capture the microfoundational processes that
enable firms to develop Al-powered CRM capabilities. While Al-powered
CRM systems are widely studied in terms of their technological ad-
vancements and organisational benefits, their role in shaping and
evolving Al-powered CRM capabilities remains relatively under-
examined (Borges et al., 2021; Hallikainen et al., 2020). Chatterjee et al.
(2021c) link AI-CRM adoption to system compatibility, CRM quality and
organisational readiness, but fail to discuss how employees and man-
agers interact with Al-powered CRM systems in the day-to-day opera-
tional context. Similarly, while Gaczek et al. (2023) focus on Explainable
Al (XAl as a strategy for reducing the resistance to Al-powered CRM
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adoption, and Ledro et al. (2023) highlight organisational barriers such
as a lack of Al expertise and employee resistance, these researchers fail
to explore how firms cultivate Al-powered CRM capabilities at a micro
level over time. Additionally, Khneyzer et al. (2024) reveal that
Al-powered CRM tools, such as chatbots, streamline operations but pose
challenges in certain industries, reinforcing the need for a deeper in-
quiry into how firms adapt these capabilities to support complex
decision-making.

Given that the success of Al-powered CRM depends not solely on
technological sophistication but also on the adaptive behaviour and
strategic decisions of individual actors (Akter et al., 2021; Chen et al.,
2023), microfoundations remain underexplored in terms of under-
standing how firms develop, integrate and sustain their Al-powered
CRM capabilities (Chatterjee et al., 2022b; Magistretti et al., 2021).
Further investigation is needed into how organisations can leverage
microfoundations to drive their Al-powered CRM effectiveness and
long-term competitive advantage (Dixon et al., 2014; Hutton et al.,
2021). This study aims to address this gap by exploring how Al-powered
CRM capabilities contribute to and evolve through the microfoundations
of DC theory. Table 1 outlines the existing theoretical framework in the
Al-powered CRM context, illustrating the lack of research that explicitly
integrates the microfoundations of DC theory into the AI-CRM literature.

Research methods (scoping review framework)

This section outlines the framework and methodology employed to
conduct a scoping literature review of Al-powered CRM capabilities. The
adoption of a scoping review approach helps to achieve several objec-
tives, including mapping the existing literature to identify common
patterns and themes within it (Arksey & O’Malley, 2005; Fowler &
Thomas, 2023; Munn et al., 2018). Thus, a foundational framework is
established for the research, providing valuable insights to inform future
studies (Grant & Booth, 2009; Munn et al., 2018; Rumrill et al., 2010).
This approach is particularly advantageous when dealing with complex,
emerging topics, such as Al-powered CRM capabilities (Rumrill et al.,
2010). A scoping review offers distinct advantages, as it allows the
comprehensive inclusion of both qualitative and quantitative studies, as
well as the incorporation of insights from experts, even where the body
of literature is diverse in nature (Pham et al., 2014; Rumrill et al., 2010).
Moreover, it places a strong emphasis on transparency and replicability,
contributing to a robust approach to organising the literature related to
Al-powered CRM (Fowler & Thomas, 2023; Levac et al., 2010). This
study adopts a six-stage scoping review framework, drawing on the work
of Arksey and O’Malley (2005) and Fowler and Thomas (2023). These
stages encompass the examination of the theories used in the
Al-powered CRM literature, the methodological approaches and the
research context.

Stage 1: identifying the research question

The scoping review process began by identifying the research ques-
tion. Scoping reviews are particularly effective when there exists a
wealth of information but a lack of conceptual clarity with regard to a
particular research area (Rumrill et al., 2010). As previously noted, the
central research question guiding this research study is: "What are the
dimensions and sub-dimensions of Al-powered CRM capabilities and
how do these capabilities inform and extend the existing theoretical
frameworks?" This question creates the foundation for the research ob-
jectives, which aim to identify the existing knowledge about Al-powered
CRM and explore its key thematic threads.

Stage 2: identifying relevant studies
The second stage of the scoping review entails the systematic iden-

tification and screening of potentially relevant studies within the Al-
powered CRM domain, with the aim of developing a comprehensive
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Fig. 1. Prisma flowchart illustrating the study selection process (Page et al., 2021).

overview of the existing literature (Arksey & O’Malley, 2005). Four
databases were selected, including Business Source Complete, ProQuest,
Scopus and Web of Science. The search string employed for the research
combined keywords such as “AI” AND “CRM” or “artificial intelligence”
AND “customer relationship management” in the article title, subject
terms or abstract. Furthermore, additional searches were conducted,
using the terms "automation and CRM", "technological innovation and
CRM" and "CRM analytics", to expand the scope of the research. The
search was limited to English-language articles published up to the
start/end of 2023, to ensure that the review captures current practices.
The initial search, that was conducted in December 2022 and updated in
November 2023, resulted in the identification of 1,055 relevant article
citations across the four databases.

Stage 3: study selection

The third stage of the scoping review involved eliminating irrelevant
studies that failed to address the main research question. This process
focused on selecting studies that were closely aligned with the research
objectives and question (Arksey & O’Malley, 2005). The search was
refined to include peer-reviewed journals in order to enhance the sci-
entific rigour, in alignment with the established literature review prac-
tices (Fowler & Thomas, 2023). A total of 1,055 potential articles were
identified and exported to EndNote20. By applying the inclusion and
exclusion criteria, the selection process refined the identified articles.
This process involved the removal of 724 duplicate articles, facilitated
by an inbuilt function within EndNote (Page et al., 2021).

Subsequently, an additional 292 articles, that were not directly
linked to the theme of Al-powered CRM in the marketing context, were

eliminated. This was necessary because the term "CRM" implied other
concepts, such as the coefficient of residual mass (Ziggah et al., 2023),
compensatory reserve metric (Convertino et al., 2022) and the Com-
munity Readiness Model (Arambula Solomon et al., 2023). Thirty-nine
papers were downloaded and reviewed, which were found to
contribute to the understanding of the Al-powered CRM narrative.
Furthermore, five additional articles were identified following an
updated search that was conducted in November 2023, while an addi-
tional 20 were deemed suitable based on cross-referencing. The culmi-
nation of this rigorous screening process was a subset of 64 articles, all
published within the last 20 years and sourced from a diverse range of 36
journals. The article identification and screening process followed the
PRISMA (Preferred Reporting Items for Systematic Reviews and
Meta-Analyses) framework, which ensures a structured, transparent
approach to literature selection (Moher et al., 2009; Page et al., 2021),
as depicted visually in Fig. 1.

The PRISMA flow diagram outlines the multi-stage process of iden-
tification, screening, eligibility assessment, and elimination (Moher
et al., 2009; Page et al., 2021), which ultimately culminated in the final
selection of 64 articles for review. The first stage involved assessing the
quality and relevance of the journals, while the second stage entailed a
more detailed examination of the articles’ abstracts to ascertain their
direct relevance to this study. A selection criterion was employed based
on the journal’s ranking to ensure comprehensive coverage of the
literature. Journals were selected with a minimum rank of C to A* by the
Australian Business Deans Council (ABDC), Q3 and above in the SCI-
mago Journal Ranking, and two and above in the Journal Quality List of
the Association of Business Schools. In total, 64 articles from 36 journal
outlets were selected, with the majority of articles originating from
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Table 2
List of journals included in the sample.
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Journal outlet ABS ranking ABDC ranking SJR ranking No. of articles Percent (%)
Industrial Marketing Management 3 A* Q1 14 21.9%
Harvard Business Review 3 A Q2 3 4.7 %
Journal of Business Research 3 A Q1 3 4.7 %
Journal of Product Innovation Management 4 A* Q1 3 4.7 %
Journal of Retailing and Consumer Services 2 A Q1 3 4.7 %
Business Process Management Journal 2 B Q1 2 3.1 %
Decision Support Systems 3 A* Q1 2 31%
Journal of Business & Industrial Marketing 2 A Q1 2 3.1%
Journal of Direct, Data and Digital Marketing Practice Q3 2 3.1%
Journal of Interactive Marketing 3 A Q1 2 3.1%
Journal of Management Information Systems 4 A* Q1 2 3.1%
Tourism Management 4 A* Q1 2 31%
Annals of Operations Research 3 A Q1 1 1.6 %
Bottom Line Q1 1 1.6 %
Business & Information Systems Engineering 2 A Q1 1 1.6 %
Business Horizons 2 B Q1 1 1.6 %
Communications of the Association for Information Systems 2 A Q2 1 1.6 %
Information Processing & Management 2 B Q1 1 1.6 %
Information Systems Frontiers 3 A Q1 1 1.6 %
International Journal of Information Management 2 A* Q1 1 1.6 %
Journal of Big Data Q1 1 1.6 %
Journal of Hospitality Marketing and Management 1 A Q1 1 1.6 %
Journal of Information Technology 4 A* Q1 1 1.6 %
Journal of Marketing 4* A* Q1 1 1.6 %
Journal of marketing theory and practice 2 B Q2 1 1.6 %
Journal of Service Management 2 A Q1 1 1.6 %
Journal of Service Research 4 A* Q1 1 1.6 %
Journal of Strategic Marketing 2 A Q2 1 1.6 %
Journal of the Academy of Marketing Science 4* A* Q1 1 1.6 %
Journal of Tourism Futures C Q2 1 1.6 %
Psychology & Marketing 3 A Q1 1 1.6 %
Service Industries Journal 2 B Q1 1 1.6 %
Social Science Computer Review Q1 1 1.6 %
Sustainability Q2 1 1.6 %
Journal of Services Research C 1 1.6 %
Sustainable Energy Technologies and Assessments Q1 1 1.6 %
Grand Total 64 100 %

business, management and marketing journals (Paul & Criado, 2020).
This robust methodology ensured the systematic exploration of
Al-powered CRM capabilities, providing a strong foundation for the
research (see Table 2).

Stage 4: charting the data

The fourth stage of the scoping review entailed the systematic
organisation of the collected data (Arksey & O’Malley, 2005; Fowler &
Thomas, 2023). Studies published from 2002 onwards that directly
addressed topics pertinent to Al-powered CRM, were included. Confer-
ence proceedings, reviews and opinion pieces were excluded from the
selection. Additionally, studies that focused solely on CRM without the
integration of Al, innovation or technology, and/or explored Al outside
the scope of CRM were also excluded. In addition to these inclusion and
exclusion criteria, various essential details were systematically extracted
and documented from the selected articles, including the citation data,
theoretical frameworks employed, the purpose of the study, the research
methods, and the key findings within the Al-powered CRM domain,
following best practices for structured reviews (Booth, 2016). To sub-
stantiate further the insights gleaned from the existing literature and
unearth fresh perspectives regarding Al-powered CRM, this study con-
ducted a rigorous qualitative examination, incorporating in-depth in-
terviews with experts in the field, thereby ensuring a multifaceted
exploration of the topic. This aspect will be discussed in the following
section.

Stage 5: qualitative exploration

A qualitative research design was adopted at this stage of the

research, with in-depth intereviews serving as the primary data collec-
tion method. The main objective was to acquire a nuanced under-
standing of Al-powered CRM systems and their core capabilities,
drawing insights from 24 experts in the field. This approach was selected
in order to obtain insightful perspectives, enabling the exploration of the
theoretical constructs based on a rich empirical dataset (Yan et al.,
2022).

The decision to adopt a qualitative approach was made after careful
consideration, as it avoided imposing preconceived assumptions on the
participants, thereby facilitating a deeper understanding of the diverse
viewpoints held by the experts (Lauzi et al., 2023). During the in-
terviews, a semi-structured approach was adopted, to provide the par-
ticipants with the flexibility to elaborate on their responses if they
wished (Schmitt et al., 2021). Within this qualitative exploration, the
study applied the microfoundations of DC approach, which makes it
possible to grasp emerging phenomena by exploring the experiences of
the participants, thereby uncovering previously unrealised solutions and
insights (Magistretti et al., 2021).

Sample

The study employed a purposive sampling strategy to identify par-
ticipants who met the predefined criteria, particularly those with over
two years of experience of using Al-powered CRM systems (Agyei et al.,
2022; Mero et al., 2023). As purposive sampling is a non-probability
sampling approach, this criterion was selected to ensure that the par-
ticipants possessed sufficient expertise to provide valuable insights that
were relevant to the study’s objectives (Agyei et al., 2022). To enhance
the diversity of the sample and minimise any potential bias, snowball
sampling was also utilised. This approach enabled the inclusion of
participants from a wide array of regions and backgrounds, ensuring
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that the sample represented the overall population more comprehen-
sively while simultaneously reducing the potential for bias (Schmitt
etal., 2021; Truong et al., 2012). While purposive sampling ensured that
the study targeted individuals with the necessary experience, snowball
sampling allowed the research to tap into a wider network of pro-
fessionals, thus expanding the pool of participants by leveraging existing
contacts to identify additional respondents who possessed the relevant
expertise.

The researchers initiated communication with 239 potential candi-
dates across various regions via LinkedIn. Of these, 14 candidates agreed
to participate, using the purposive sampling technique, while 71 in-
dividuals declined or expressed a disinterest, and 154 failed to respond.
Subsequently, utilising the snowball technique, the participants were
asked if they could recommend others who might be willing to partici-
pate in the research, leading to the recruitment of 13 additional par-
ticipants and the achievement of data saturation. In total, 24 qualified
participants were recruited, with three participants later being excluded
due to their lack of expertise on Al-powered CRM systems. While the
majority of responses came from only two countries, it is worth noting
that the participants represented various industries and diverse na-
tionalities. This restricted representation may compromise the overall
representativeness of the data, potentially leading to conclusions that
inadequately reflect the views or behaviour of the broader population,
and impacting the validity of the findings (McKnight, 2007). The study
purposefully selected participants who had been utilising Al-powered
CRM systems for at least two years. These individuals, identified
through LinkedIn and referrals, had rich experience, ranging from two to
ten years, and were willing to participate in this research by sharing
their expertise. The participants selected for this study were Al-powered
CRM experts in the field, including employees who had utilised
Al-powered CRM systems for at least two years, including CRM Man-
agers, Marketing Managers, Data Analysts, etc. This selection rationale
was underpinned by the observation that advanced Al-powered CRM
system adoption is not yet widespread, with greater utilisation often
observed in larger, tech-focused organisations, that prioritise innovation
(Albert, 2019). In total, 24 Al-powered CRM experts agreed to partici-
pate in this research. Appendix B presents the details of the participants.
For reasons of privacy, the identities of the interviewees remain
confidential.

Data collection

The empirical data was collected by conducting comprehensive, in-
depth interviews, recorded via Zoom, each of which lasted between 45
minutes and an hour (refer to Appendix A for the interview guide and
questions). The interview questions were developed by extracting rele-
vant concepts from the Al-powered CRM literature. The key topics
included Al-powered CRM’s functionalities, benefits and challenges,
together with the essential features required to address the issues that
exist within these systems. Specifically, insights from Robson (2002)
guided both the structure of the questions and the scheduling of the
semi-structured, in-depth interviews. To ensure the relevance and
applicability of the questions to the current Al-powered CRM landscape,
feedback was solicited from industry professionals with extensive
experience of Al-powered CRM implementation, thus ensuring practical
alignment with the industry’s needs.

Some of the participants consented to provide written responses
rather than having their interview audio recorded, in which case the
researchers took every possible measure to respect the participants’
preferences and privacy, fully safeguarding their rights in accordance
with the ethical research guidelines (Merriam & Merriam, 2009). All of
the interviews were conducted in English. In-depth interviews are
appropriate for verifying empirical qualitative research, as they make it
possible to explore the experiences of the participants (Crossman &
Bordia, 2021). This approach is in line with the assertion of Merriam and
Merriam (2009) that it is crucial to acknowledge and address human
biases and subjectivities to ensure the integrity of the data interpretation
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Table 3
Demographic analysis of the respondents.
Demographic Characteristics Sub-Level Count (%)
n=24
Gender Male 17 71
%
Female 7 29
%
Age 30-35 6 25
%
36-45 11 46
%
46-50 2 8%
51-55 3 13
%
Not Specified 2 8%
Levels of Management Middle Level 13 54
Management %
Top Level Management 6 25
%
Low Level Management 5 21
%
Geographical Location of Australia 12 50
Residence %
United Arab Emirates 6 25
%
United Kingdom 2 8%
Canada 1 4%
New Zealand 1 4%
Saudi Arabia 1 4%
Nigeria 1 4%

process.

Ethical considerations remained paramount throughout the data
collection process. Signed consent was obtained from each participant,
assuring them of confidentiality (Wiles, 2012). The current study’s data
collection process was limited solely to the information gathered for the
purpose of developing Al-powered CRM capabilities. In total, 27 re-
sponses were examined; of which, three responses were deemed to lack
context or be incomplete and were therefore excluded from the analysis.
Hence, there were 24 usable responses (see Table 3).

Stage 6: collating, summarising and reporting the results

The final stage of the scoping review involved compiling, summa-
rising and discussing the gathered results in depth. This process also
involved identifying the emerging themes derived from the collected
data, applying thematic analysis to identify Al-powered CRM’s di-
mensions, and conducting a qualitative analysis based on in-depth in-
terviews to validate the findings from the literature. This involved
undertaking a comparative analysis of the insights gleaned from the
existing literature with those provided by experts on the Al-powered
CRM field, thus enabling the discovery of patterns, recurrent themes,
knowledge gaps and potential future research directions (Cassell &
Symon, 2004; Giovannetti et al., 2022). The qualitative data, that was
collected through the in-depth interviews, was analysed using a the-
matic approach, following an inductive method (Braun & Clarke, 2006),
as this allows the identification of patterns within qualitative data,
enabling a structured yet flexible interpretation of the participants’ ex-
periences regarding Al-powered CRM adoption, in alignment with the
research objectives. This involved manually coding the data to identify
the patterns, themes and sub-themes that emerged naturally while
maintaining the quality of the data obtained and ensuring that the
analysis was not constrained by pre-existing frameworks (Byrne, 2022).
The coding process ensured deep engagement with the data while pre-
serving the richness of the participants’ insights. The data collection
process concluded once data saturation was achieved, meaning that no
new significant insights were emerging from additional interviews
(Saunders et al., 2018). At this stage, further data gathering was unlikely
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Table 4
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Themes and patterns extracted from the current literature in the context of Al (including technology, innovation and analytics) and CRM.

Data management

Multichannel integration

Service offerings

Author(s) Data governance Data analysis Privacy & Content Process Personalisation Automation Meaningfulness &
security consistency consistency novelty
Wamba et al. X X
(2017)
Zerbino et al. X X
(2018)
Troisi et al. X X X X
(2020)
Hosseini et al. X
(2022)
Gregory (2011) X X X X
Yallop and X X X X X
Seraphin
(2020)
Akter et al. X X X X X
(2022)
Chatterjee et al. Automated
(2022a) decision making
Mero et al. Information X X Marketing
(2020) systems automation
infrastructure
Huang and Rust Analytical Mechanical Intuitive Intelligence
(2018) Intelligence intelligence
Chatterjee et al. X
(2020)
Kumar et al. X X Al-engagement Service X
(2023) capability capability
Chaudhuri et al. X
(2023)
Chatterjee et al. X X X
(2022¢)
Siu et al. (2013) Service newness &
meaningfulness
Payne and Frow X Channel Channel X
(2004) Consistency Consistency
Akter et al. X X
(2023b)
Saura et al. X X X
(2021)
Lee et al. (2019) X X

to add substantial value to the findings. To ensure the validity and
trustworthiness of the findings, the researchers adhered to the guide-
lines proposed by Denzin and Lincoln (2008), which recommend stra-
tegies such as triangulation, peer review and participant validation to
enhance the accuracy and reliability of the research process and out-
comes. This rigorous process continued until a consensus was reached
among the team members, ensuring the accuracy and comprehensive-
ness of the findings. The culmination of these findings and the ensuing
insights led to the development of the conceptual framework, which will
be presented next.

Results

This section presents the results of the comprehensive analysis that
integrated the thematic elements extracted from 64 existing literature
sources with the insights derived from the 24 key informant interviews.
The analysis began by examining the interview transcripts to identify
the key themes and responses. These themes were then used to validate
and refine the dimensions of Al-powered CRM capabilities that were
identified in the literature. Recurring themes within the validated di-
mensions were further examined through a collaborative coding process
with two academic professionals, ensuring rigorous and consistent
interpretation of the data. Inter-rater reliability was assessed through a
rigorous interpretation of the data, ensuring consistency regarding
theme identification and consensus-building (Cole, 2024). This collab-
orative approach enhances the credibility of thematic analysis by
reducing subjective bias and ensuring coding reliability (Braun &

Clarke, 2006). As a result, the thematic analysis identified three primary
dimensions that structure Al-powered CRM capabilities (Data manage-
ment, multi-channel integration and service offerings), together with
eight sub-dimensions. These dimensions emerged as the most prevalent
in the context of Al-powered CRM. A detailed breakdown of these di-
mensions and sub-dimensions, as derived from the scoping literature
review and thematic analysis, is provided in Table 4 and will be further
elaborated upon in the following sections.

Data management capability

Data serves as the cornerstone of Al-powered CRM systems,
encompassing the process of employing Al and ML systematically to
store, secure and efficiently manage sensitive customer information, to
prevent the potential loss, unauthorised dissemination, disclosure, or
compromise of this sensitive data (Wamba et al., 2017). The advantages
of effective data management extend beyond operational efficiency, as it
is crucial for extracting valuable knowledge to improve customer
satisfaction, increase sales performance and acquire a competitive edge
(Zerbino et al.,, 2018). The strategic management of data within
Al-powered CRM systems is a foundational aspect that significantly in-
fluences the quality of the insights and outcomes. One interviewee
pointed out the paramount importance of data quality in the AI land-
scape, as follows:

“The biggest component would be the way the business uses Al-based
CRM applications data, so like data collection and data storage. We say
that good AI comes from good data [..] So, you have to have your data right,
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That’s the main thing because all these machine learning algorithms learn
from the data. So, if the data is bad, the predictions that it will give you will be
bad as well.” (Interviewee #17, Male 34).

This quotation highlights the critical role of accurate, high-quality
data in enabling Al algorithms to generate reliable predictions and in-
sights, thus emphasising the foundational significance of data manage-
ment within Al-powered CRM systems. By prioritising data management
in Al-powered CRM, businesses can unlock the full potential of their
customer data and gain a significant advantage in the fiercely compet-
itive market by engaging in a data-driven decision-making process
(Troisi et al., 2020). Nevertheless, recent advancements in data ware-
housing systems, the enhanced computational capabilities and the
complex business landscape have facilitated the accumulation of
extensive customer data, empowering organisations effectively to
manage and capture multiple attributes of each customer (Florez-Lopez
& Ramon-Jeronimo, 2009). Effective data management forms the basis
of Al-powered CRM systems, playing a pivotal role in the production of
accurate insights and reliable outcomes. An interviewee highlighted this
foundational importance, stating:

“The first and most crucial one is underlying data. If the underlying data
isn’t right and it isn’t filled in correctly, then the whole thing falls over.”
(Interviewee #19, Male 54).

Hence, these viewpoints emphasise the pivotal role of effective data
management in Al-powered CRM applications.

This quotation underlines the essential role of accurate, well-
structured underlying data as the main hub for the successful opera-
tion of Al-powered CRM systems, further highlighting the strategic
significance of data management. Although Al-powered CRM software
offers a robust platform for managing customer interactions, the true
potential of Al-powered CRM systems lies in their effective data man-
agement, which has a profound impact on the business outcomes
(Hosseini et al., 2022). Therefore, a strategic alignment between the
structure of the data source and the derived insights will facilitate the
process of knowledge dissemination throughout the organisation
(Kearns & Sabherwal, 2006). This paper has identified three
sub-dimensions of data management capability, namely, intelligent data
governance, data analytics and, finally, data privacy and security, which
will be described next.

Data governance

Data governance is a critical aspect of managing and effectively
utilising data management capability in the Al-powered CRM context.
Data governance encompasses the strategic implementation and man-
agement of policies, processes and technologies to safeguard valuable
data assets across the entire organisation (Gregory, 2011). Due to the
rapid growth and increasing importance of Al technologies within CRM
systems, organisations must establish robust data governance practices
to ensure the quality, security and ethical use of customer data (Yallop &
Seraphin, 2020). Furthermore, the increased reliance on Al platforms
and algorithms from large technology companies makes businesses more
vulnerable, as any changes made by these companies can have adverse
effects on their operations (Kozinets & Gretzel, 2021). In other words,
the business’s stability and performance are increasingly at risk due to
its reliance on external technology providers. Other major challenges
involve determining the accuracy and reliability of the external data.
Tableau adopts a cautious approach to GPT technology and company
data, as it carefully considers which data is selected for its Tableau
platform (Koetsier, 2023). A key insight emerges when considering the
pivotal role of data governance in Al, as emphasised by one of the
interviewees:

“The main thing is data definitely [is] the single source of truth for AL
Without data and learning from that data, is very much important. Even if
you have data, and if you take no particular action, it’s of no use.”
(Interviewee #3, Male 30).
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Thus, the effective management and utilisation of data become
imperative in harnessing the full potential of AI applications. According
to Akter et al. (2022), data governance refers to the overall capability of
effectively accessing, integrating and processing data assets across the
various organisational channels. Without proper data governance, or-
ganisations may face challenges related to ensuring data accuracy,
protecting customer privacy and complying with the relevant regula-
tions, as many CRM programs fail due to poor data quality (Edinger,
2018). According to the recent findings of the IBM Data Breach Report,
an alarming 83 % of organisations encountered multiple data breaches
throughout 2022 (Huang et al., 2023). Data governance helps to ensure
the ethical use of customer data, so a failure to comply with the data
policies and regulations will lead to major company losses (Hill, 2009, p.
117). The following quote emphasises the importance of data with re-
gard to the functionality of Al-powered CRM.

“Having a dataset is imperative, because that dataset is what we need to
work with and is what Al uses to help us to extract the information that we
need to serve customers [..], And then translating that information into
something that’s easily digestible for our team to use and to execute and
take action on, and have an outcome that is beneficial for the customer
and for the business, and also builds engagement with the customer going
forward.” (Interviewee #8, Male 40).

The above quote underscores the pivotal role of data within Al-
powered CRM systems, emphasising the necessity for a well-structured
dataset to serve as the foundation upon which Al relies in order to
extract valuable customer insights. This data-driven understanding is
then translated into actionable strategies that mutually benefit both the
customers and businesses. Moreover, it acknowledges that these data-
driven actions not only address the immediate customer needs but
also help to foster long-term customer engagement. Additionally, the
quote inherently encompasses the essential processes required for
structuring and processing data assets within the broader context. Thus,
the implementation of robust data governance practices is integral for
companies that are seeking to maximise the value of their customer data
while simultaneously ensuring data accuracy, privacy and ethical uti-
lisation (Tallon et al., 2013).

Data analytics

Data analytics, also referred to as analytical intelligence (Huang &
Rust, 2018), plays a crucial role in Al-powered CRM systems, encom-
passing the capability systematically to access, collect, explore, interpret
and extract valuable insights from data (Akter et al., 2020a). This
practice enables businesses to analyse customers’ behaviour patterns
(Yin et al., 2023), preferences and purchasing history in order to
personalise their marketing campaigns and improve their customer
segmentation (Florez-Lopez & Ramon-Jeronimo, 2009). Consequently,
by leveraging data analytics within Al-powered CRM, organisations can
gain a deeper understanding of their customers, enhance their cus-
tomers’ experiences and drive better business outcomes (Holmlund
et al., 2020). A reflective viewpoint offers an insight into the evolving
landscape of data analytics, as one interviewee mentioned:

“When we started in 2014, there was still a lot of emphasis on analytical
teams and the need to analyse datasets, select populations, create content,
create messages and ultimately create the experience.” (Interviewee #24,
Male 42).

Therefore, this perspective highlights the diverse role that analytical
teams play in shaping data-driven experiences, showcasing the dynamic
nature of data analytics over time. Ernst & Young’s (EY) study further
reinforces the significance of data and analytics, with 93 % of companies
planning to increase investments in this area due to the positive impact
of Al on the generation of insights (Gusher, 2022). According to Fantini
and Narayandas (2023), there are three approaches to analytics; namely,
descriptive business intelligence (What happened? e.g., initial product
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pricing), predictive prediction engines (What will happen? e.g., CRM
segmentation) and prescriptive decision automation (what should I do
now? e.g., risk optimisation). For example, through employing data
analytics, businesses can identify customer trends, forecast demand and
uncover valuable insights that can inform their strategic
decision-making processes (Li & Xu, 2022). An interviewee explored the
transformative impact of predictive analytics on Al-powered CRM ap-
plications, highlighting its advanced capabilities:

“Predictive analytics is one of the new functionalities that has
transformed CRM applications. Predictive analytics uses Al algorithms
to analyse customer data and identify patterns and trends in customer
behaviour. This helps businesses to anticipate customer needs and
preferences, allowing them to tailor their marketing, sales and customer
service strategies accordingly.” (Interviewee #4, Male 42). This un-
derscores the transformative potential of predictive analytics in Al-
powered CRM applications, ushering in an era of tailored strategies.

Data privacy and security

Data privacy and security are vital factors that require careful
attention within the realm of data management capability (Akter et al.,
2020b; Chatterjee et al., 2020). Al-powered CRM capability relies
heavily on data to gain insights into consumers’ needs and preferences
(Libai et al., 2020), but simply having access to vast amounts of data
alone is not enough. Organisations must establish robust data protection
measures to safeguard customer information and ensure the quality,
security and ethical use of customer data to leverage the rapid growth
and importance of Al technologies in CRM systems (Chen & Jai, 2021).
Furthermore, organisations must comply with privacy regulations such
as the General Data Protection Regulation (GDPR). This includes
implementing data access controls, encryption techniques and ano-
nymisation methods to protect sensitive customer data (Abouelmehdi
et al., 2018; Schweigert & Geyer-Schulz, 2019). A succinct but powerful
statement highlights a prevalent concern within the AI industry:

“Data privacy and data breaches are very common issue in the Al in-
dustry.” (Interviewee #3 Male 30).

This statement emphasises the significance of data privacy and the
security challenges that persistently affect the Al landscape, prompting
organisations to prioritise robust measures to safeguard sensitive in-
formation. For instance, in November 2022, a significant data breach
occurred, affecting approximately 37 million T-Mobile members (Hale,
2023). A criminal hacked into customers’ sensitive information,
including their personal details, such as their names, billing addresses
and dates of birth (Goldman, 2023). By placing a strong emphasis on
data privacy and security, companies can establish trust with their
customers and adhere to regulations like the GDPR (Labadie & Legner,
2023). This approach ensures the maintenance of loyalty, trust and
confidence in Al-powered CRM systems, fostering enduring customer
relationships (Chen & Jai, 2021). A comprehensive viewpoint sheds
light on the ethical and privacy considerations associated with data
usage:

“With digital devices, smart watches, knowing heart rates and things.
knowing that the technology will probably know you are at risk of a heart
attack before you do. And there’s a whole lot of potential ethical issues
there with the data showing that [name] is at risk of a heart attack, we
should cancel his insurance premiums. Things like that, there’s a real
danger that the data and information could actually be used against you.”
(Interviewee #19 Male 54).

This perspective highlights the complex balance between techno-
logical capabilities and ethical concerns, highlighting the need for the
careful consideration of data privacy and security to mitigate potential
misuse and protect individuals’ rights. As Al continues to advance, there
is a growing concern about its impact on data privacy, data security and
bias (Chiusano et al., 2022). Companies must ensure that their
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Al-powered CRM systems are transparent and fair, and comply with
legal and ethical standards (MSV, 2018). Based on these insights, the
research proposes that:

Proposition 1.  The presence of intelligent data governance, data analytics
and data privacy and security dimensions within the data management
capability significantly influences the AI-powered CRM Capability.

Multi-channel integration capability

Payne and Frow (2004) identify the significance of multichannel
integration into CRM systems, emphasising the need for consistent
communication across various channels to ensure a seamless customer
experience. Multichannel integration encompasses the strategic align-
ment and harmonisation of the diverse communication channels
employed by an organisation, aiming to deliver a cohesive, unified
experience for customers across various touchpoints (Awasthi & Sangle,
2012; Payne & Frow, 2004; Saura et al., 2021). According to Fortune
Business Insights (2023), integrating multichannel capabilities within
Al-powered CRM systems can provide customer solutions, enhance the
effectiveness of marketing campaigns and increase the conversion rates.
An insightful perspective highlights the key aspect of achieving a unified
customer view across various channels:

“It’s the integration of that single customer view across multiple channels,
that’s where it gets really clever.” (Interviewee #19 Male 54).

This statement emphasises the strategic significance of achieving
seamless multichannel integration for unlocking the potential to harness
comprehensive customer insights and optimise the engagement strate-
gies across diverse touchpoints. According to Hossain et al. (2019),
multichannel integration entails organising, executing, designing and
evaluating different channels to enhance customer value through CRM
systems. Therefore, multichannel integration is a business strategy that
aims to enhance an organisation’s value proposition by facilitating
seamless customer interactions across multiple channels (Saura et al.,
2021). This involves executing a range of key activities through various
channels, while simultaneously gaining insights into the customers’
preferences and experiences to align with the overall business goals (Lee
et al., 2019). Recent research has identified content consistency and
process consistency as the two primary capabilities of multichannel
integration (Hossain et al., 2019; Lee et al., 2019). However, there has
been limited exploration of the role of multichannel integration capa-
bility within Al-powered CRM systems’ capabilities. This integration
capability introduces two reflective sub-dimensions of channel inte-
gration, contributing to the cohesive and synchronised delivery of
communication across various channels.

Content consistency

Content consistency refers to the extent to which Al adeptly syn-
chronises cohesive, coherent information, ensuring seamless, uninter-
rupted customer experiences across diverse channels of interaction
(Hossain et al., 2020b; Lee et al., 2019; Sun et al., 2020). Content con-
sistency enables consumers to receive consistent responses to their in-
quiries, irrespective of whether these originate from physical or online
channels (Chatterjee et al., 2021a). This aspect assumes significance for
organisations as they strive to create a seamless, valuable experience for
their customers. According to Simpson (2019), Techipedia highlights
that brands that exhibit consistent messaging are valued 20 % higher
compared to those with inconsistent messaging. Consequently, any lack
of consistency within brands’ content quality, quantity or scheduling has
the potential to confuse customers (Li et al., 2018). In summary, within
the realm of Al-powered CRM, the channel integration capability ne-
cessitates the presence of content consistency in order to ensure a
coherent, harmonised customer experience across diverse channels.
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Process consistency

Process consistency within the context of multi-channel integration
refers to the establishment of a system that maintains uniformity and
comparability across all service delivery channels, facilitating a seamless
user experience and interaction (Hossain et al., 2020a; Lee et al., 2019).
In the context of Al-powered CRM, process consistency is imperative for
ensuring two key aspects: firstly, that the processes exhibit functional
uniformity and familiarity across diverse channels; and, secondly, that,
even when the services change, the logical flow of transactions remains
the same due to the utilisation of identical processes (Kotorov, 2002).
According to Hossain et al. (2019), process consistency encompasses the
alignment of the overall processes, allowing seamless customer navi-
gation across various platforms (online, mobile or offline). When the
process is highly consistent, this enhances the smoothness of the con-
sumers’ experience, improves the efficiency of the service operations
and increases consumers’ perception of the services’ usefulness (Chai &
Wang, 2022). The degree of process consistency has a direct impact on
the uniformity, reliability and stability of channel integration in
Al-powered CRM systems. Following these insights, the research puts
forward:

Proposition 2. The incorporation of process consistency and content
consistency dimensions within the multichannel integration capability is ex-
pected to exert a substantial influence on the Al-powered CRM capability.

Service offerings

Service offerings are a strategic process that entails the deliberate
development and provision of services intending to create mutual value
and facilitate value constellations (Saura et al., 2020). Jain et al. (2002)
found that the incorporation of customisation and personalisation stra-
tegies plays a pivotal role in shaping the service offerings. This strategic
approach aims to foster organisational growth, maximise profitability
and gain a distinctive competitive advantage by leveraging
service-oriented capabilities (Story et al., 2017). An insightful perspec-
tive illuminates the landscape of service offerings and their integration
with Al-powered CRM advancements:

“A service offering refers to technical support, education, hosted/
outsourcing services, cloud services, consulting services, advanced
customer support services, or other services which you have ordered.
Basically, if AI-based CRM advanced to making both sales and customer
experience a very interesting one, yes!! A service offering can be Al-based
too.” (Interviewee #20, Female).

This statement highlights the dynamic relationship between AI-
powered CRM advancements and the potential extension of Al into the
sphere of service offerings. The integration of Al into service offerings
signifies the innovative evolution of customer-centric strategies within
the modern business landscape.

Three distinct sub-dimensions of service offerings were identified
within the context of Al-powered CRM capabilities; namely, person-
alisation (Lin et al., 2022), as demonstrated in the study by Huang and
Rust (2021), along with aspects of automation and finally, meaning-
fulness and novelty.

Personalisation

According to McCoy and Hargie (2007), personalisation refers to the
avoidance of mass production and the creation of messages that are
tailored to appear individualised or customised. This capability involves
the use of Al algorithms that observe customer behaviour and adapt to
their preferences and needs over time (Chung et al., 2016). The partic-
ipants’ insights reveal the instrumental role of personalisation in driving
customer satisfaction and loyalty, as highlighted by an interviewee:

“The more personalised the content you can create, the higher the chances
that your customers will be happy with what you’re going to present to
them, loyalty will increase, so they’ll probably come back to you, and be
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more likely to purchase your product or services.” (Interviewee #17,
Male 34)

This perspective emphasises the strategic importance of personalised
content in nurturing customer relationships by leveraging data analysis
to identify individual customer preferences and provide customised
services. Loebbecke et al. (2020) emphasised a notable challenge asso-
ciated with Al-powered CRM, which revolves around the potential
substitution of human interactions by automated processes, leading to a
loss of personalisation and empathy in customer interactions (Huang &
Rust, 2021). Companies must balance the benefits of Al with the
importance of maintaining human interactions and emotional intelli-
gence (Paschen et al., 2020; Prentice et al., 2020).

Nonetheless, personalisation is a crucial aspect of modern marketing,
that involves the use of customer segmentation techniques to group
customers based on common characteristics and so more accurately
target marketing campaigns, identify customer needs and offer person-
alised preferences (Karwatzki et al., 2017).

Automation

Another important theme that emerged was the automation process,
designed to enhance efficiency. The automation of processes was also
identified as a critical capability of Al-powered CRM systems. Marketing
automation can help to develop effective strategies (Huang & Rust,
2022), build loyal relationships (Tuguinay et al., 2022) and generate
high quality sales through content personalisation and behavioural
targeting (Jarvinen & Taiminen, 2016). Automation, in the marketing
sphere, refers to the utilisation of technological solutions to enhance the
effectiveness and efficiency of marketing operations by automating,
personalising, and utilising analytics-driven activities (Mero et al.,
2020). According to a comprehensive analysis conducted by McKinsey &
Company, the adoption and utilisation of Al, robotics and other forms of
smart automation offer significant prospects for considerable economic
expansion, with the potential to automate a range up to 30 % of the total
global working hours by 2030 (Manyika et al., 2017). However, the
advantages of automation rely heavily on the strategic transformation of
organisational structures and processes, as well as a customer-centric
culture, that govern the use of automation and promote dynamic
interaction (Heimbach et al., 2015). Automation in Al-powered CRM
systems presents a transformative potential for streamlining complex
business processes and enhancing operational efficiency. An interviewee
offered a specific illustration of this transformative capability in action:

“A basic example of the Al capability of the dynamic CRM ‘power
automate’ is one of them, where you can automate the business processes
across the different tools in this platform like a SharePoint CRM or other
tools that are provided.” (Interviewee #21, Male 48).

This example illustrates how Al-powered automation can seamlessly
integrate various tools within a CRM platform, demonstrating its po-
tential to revolutionise the process efficiency and coordination. The
adoption of an Al-powered CRM system, wherein the automated system
can accurately manage and analyse vast volumes of customer data
without human involvement, may help to create stronger relationships
with firms and enhance the operational efficiency (Chatterjee et al.,
2022a).

Meaningfulness and novelty

Meaningfulness pertains to how far customers perceive a product to
be appropriate, relevant, suitable and useful (Im et al., 2020; Siu et al.,
2013). According to Akter et al. (2023b), meaningfulness is the level of
relevance that a new service or product has for customers in comparison
to its competitors, while novelty denotes the extent to which a new
product is perceived as exhibiting unique, distinct characteristics,
compared to its competitors in the market (Im et al., 2020). It is the
capacity to think creatively and adapt effectively to novel situations,
which Huang and Rust (2018) refer to as intuitive intelligence. In the
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Al-powered CRM concepts

Themes

Theoretical sub-
dimension

Theoretical dimensions

“It’s a client management platform, that connects all data and consolidates communications.”
(Interviewee #20, Female)

“The quality of information that comes into a CRM has to be accurate.”

(Interviewee #22, Male 34)

“Having a solid GDPR that’s out of the box within the CRM tool is vital.”
(Interviewee #2, Female 36)

“The forecasting and also predictions of behaviour and the social media collection of information to be
able to create segments and trends.”

(Interviewee #7, Female 42)
“Predictive analytics can anticipate the customer needs.”
(Interviewee #17, Male 34)

“Use machine learning and those algorithms and those models to really get into understanding the
decision-making processes.”
(Interviewee #11, Female 42)

“Ultimately where Al functionality comes into play to make life easier for me from a decision perspective
to give you information at a glance.”

(Interviewee #22, Male 34)

“The main, probably biggest concern will be data privacy and security.”
(Interviewee #17, Male 34)

“It’s very important to have intellectual rights [..], intellectual rights and intellectual property and
ownership of whatever your database is. Especially your database.”
(Interviewee #5, Male 35)

“There’s only one big issue that’s actually ethical use. That’s literally the only issue. Everything else is
upside, assuming that the way the algorithms are programmed in an ethical way and that we do all we
can to remove bias.”

(Interviewee #18, Male 38)

“You know where actually the customer is interacting, or it could be online or it could be actually an
offline experience on both channels. All the channels should have a seamless experience with CRM.”
(Interviewee #4, Male 42)

Multiple communication lines between the customer and business will provide a more seamless
customer service experience.

(Interviewee #20, Female)

“The integration of that single customer view across multiple channels, that’s where it gets really
clever.”

(Interviewee #19, Male 54)

“The customer interaction level at the very beginning of where the customer touched the business, that’s

where the Al power system has to be.”

(Interviewee #4, Male 42)

“Businesses must ensure that customers can contact you on as many channels as available to the
customer, including: email, text, phone, messaging apps and social media.”

(Interviewee #20, Female)

“Having the ability to personalise these outputs of the CRM to consumers, so that we reach the consumer
with the correct information and the most relevant information for the specific consumer.”
(Interviewee #2, Female 36)

“The more personalised the content you can create, the higher the chances that your customers will be
happy with going to present them, loyalty will increase, so they'll probably come back to you and are
more likely to purchase your product or services.”

(Interviewee #17, Male 34)

“A part of the CRM subject, which is having a personalised service. Again, as I mentioned, when you have
a system that’s able to match the history of the customer record with his new requirement, then you’ll be
able to definitely provide the customised service.”

(Interviewee #13, Male 52)

“The concept of personalising experiences is becoming very important to people after centuries of mass
production and treating individuals according to the average. People are looking for a more personal
experience across the spectrum, even in the development of medication. I think that customer retention
is going to become even more reliant on that personal touch.”

(Interviewee #15, Female 43)

“Al can be used to automate the tracking of customers’ issues and queries without the need for human
intervention. This allows companies with large customer service teams to save on costs and increase
efficiency.”

(Interviewee #20, Female)
“So, more automation, that means saving more time and precise precision on executing those business
processes. So, as you know, human are prone to making errors, but when you do automate on the
computer, it’s error-free and it’s more precise to execute these business processes.”
(Interviewee #21, Male 48)
“What we re trying to do is automate a lot of manual steps, have our teams not focus so much on sort of
task management from one end of a process to the other and be able to use the system and the
automation it provides to sort of enable that, end to end.”
(Interviewee #24, Male 42)

“It’s just like reaching the customer at the right time with the right message. ”
(Interviewee #3, Male 30)

“The competition’s fierce in all fields, in all areas. Even now, with new technologies coming up, developing
so fast, [..], customers are demanding so we never have enough. We're always looking for that one
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Data consolidation
Data quality and
accuracy

Effective data
compliance

Data forecasting and
predictions

Machine learning data
exploration

Business intelligence and
insights

Data concern

Data protection and
safeguarding

Ethical handling and use
of data

Channel uniformity

Process optimisation

Customer-centric
approach

Service customisation

User-Centric Experience

Automation efficiency

Effective
Communication
Adding value

Intelligent Data
Governance

Data management
capability

Data Analytics

Data Privacy and
Security

Multi-channel
integration capability

Content Consistency

Process Consistency

Personalisation Service offerings

capability

Automation

Meaningfulness and
Novelty

(continued on next page)
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Al-powered CRM concepts

Theoretical sub- Theoretical dimensions

dimension

Themes

who’s giving us a better service or a better product for the same price, a better design, so that can be a

value added.”
(Interviewee #10, Female 52)

“I think you sort of need to start with the customer problem, [..], once you have sort of understood the

Meaningful technology

problem and how the customer interacts with that problem space, then you stand a much better chance

of using technology in a meaningful way.”
(Interviewee #24, Male 42)

context of Al-powered CRM, meaningfulness plays a critical role in
providing customers with valuable experiences, ensuring the relevance
and suitability of the services or products on offer. On the other hand,
novelty introduces unique, distinctive elements in order to differentiate
Al-powered CRM solutions from their competitors, enhancing customer
perceptions and engagement (Kim et al., 2013). When a service or
product offering exhibits low levels of novelty and meaningfulness,
resulting in a weak market position, it is unlikely to spark an increase in
demand and sales (Lee, 2023). The importance of meaningfulness and
novelty in Al-powered CRM lies in their ability to enhance customer
satisfaction, sustain loyalty and provide competitive offerings (Stock &
Zacharias, 2013). An interviewee elucidated this point as follows:

“Customers are demanding so we never have enough. We'’re always
looking for that one who is giving us a better service or a better product for
the same price, better design, so that can be a value added.” (Interviewee
#10, Female 52).

However, a key challenge is striking the right balance between cus-
tomisation and privacy concerns. For example, personalised recom-
mendations based on user data can be valuable, but the improper
handling of customer information can lead to privacy breaches and the
ensuing erosion of trust (Bansal & Zahedi, 2015). Thus, the study puts
forward:

Proposition 3. The inclusion of personalisation, automation, meaning-
fulness and novelty components within the service offerings capability is
expected to have a substantial impact on the AI-powered CRM capability.

Table 5 provides an overview of the data structure, representing the
three levels of the theoretical dimensions derived from the experts’ in-
sights that were gathered for this research.

This study, drawing on both the existing literature and insights
gained from the in-depth interviews with experts who actively utilise AI-
powered CRM systems, identifies Al-powered CRM to be a complex,
multidimensional construct, that is structured hierarchically. The pri-
mary themes extracted from this comprehensive analysis are visually
represented in Fig. 2: Al-powered CRM multidimensional conceptual
framework.

Discussion

The findings from this study reveal that AI-powered CRM is under-
pinned by three pivotal capabilities: data management, multi-channel
integration and service offerings. These capabilities were identified
through a rigorous, inductive, qualitative scoping review that included
semi-structured interviews and thematic analysis, providing a granular
understanding of the essential dimensions and sub-dimensions of Al-
powered CRM.

A data management capability is critical for ensuring robust gover-
nance and enabling precise analysis while at the same time safeguarding
privacy and security. This foundation enhances trust and compliance
within CRM systems, as highlighted by Akter et al. (2022) and Yallop
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and Seraphin (2020). A multi-channel integration capability plays a key
role in maintaining consistency across various customer interaction
touchpoints, facilitating seamless customer experiences and operational
coherence, which are essential for customer satisfaction and engage-
ment, as noted by Lee et al. (2019) and Payne and Frow (2004). Lastly, a
service offerings capability drives personalisation and automation
within CRM practices, allowing organisations to tailor innovative solu-
tions that meet individual customer needs, thereby enhancing customer
value and organisational competitiveness, as supported by the findings
of Akter et al. (2023b), Kumar et al. (2023) and Saura et al. (2021).
Collectively, these capabilities form a robust framework for deploying Al
within CRM systems, significantly enhancing their effectiveness and
strategic value. The integration of these capabilities supports opera-
tional enhancements and makes substantial contributions, which will be
discussed next.

Theoretical implications

This study explores the microfoundations of the Al-powered CRM
capabilities framework by examining how the insights and experiences
of individual field experts influence their inclination to adopt Al-driven
CRM systems. The advent of Al-powered CRM systems marks a signifi-
cant theoretical advancement, particularly in the contexts of CRM and
DC (Maklan & Knox, 2009; Ngo et al., 2018). Traditionally, the CRM
theories have emphasised the importance of managing and nurturing
customer relationships through historical data and reactive strategies
(Alshawi et al., 2011; Verhoef et al., 2010). Al-powered CRM, however,
introduces a paradigm shift by transforming these systems into proac-
tive, data-driven platforms that not only respond to customer behaviour
but also predict and shape it (Alnofeli et al., 2023; Chatterjee et al.,
2019; Li & Xu, 2022). This shift necessitates an expansion of the CRM
theories to incorporate the role of predictive analytics (Cho et al., 2003;
Dalvi et al., 2016; He, 2022), machine learning (Ledro et al., 2022; Singh
et al., 2020; Wang et al., 2020), and real-time data processing (Gupta &
Kumar, 2022; Li & Xu, 2022; Shukla & Pattnaik, 2019), thereby
enhancing the theoretical understanding of how customer relationships
can be managed and optimised in an increasingly complex and dynamic
market environment.

While prior studies have focused on the RBV approach (Chatterjee
et al., 2022b; Li & Xu, 2022; Suoniemi et al., 2021; Zhang et al., 2020)
and DC theory (Chatterjee et al., 2022c; Chaudhuri et al., 2023; Kumar
et al., 2023; Rahman et al., 2023) within Al-driven CRM contexts, the
specific microfoundations related to AI capabilities have often been
overlooked. This research addresses this oversight by enriching the
microfoundational dimension of DC theory, offering deeper insights into
how organisations can cultivate and leverage their Al-powered CRM
capabilities. Utilising a qualitative methodology comprising a scoping
review and interviews with 24 industry experts, this study delineates
three critical dimensions: data management, multi-channel integration,
and service offerings. These dimensions are integral to the effective
integration of Al into CRM practices and foundational for developing
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Fig. 2. Al-powered CRM multidimensional conceptual framework.

DC.

Moreover, this research extends the framework proposed by (Teece,
2007) by connecting microfoundations with the development of DC
through a comprehensive conceptual framework. This framework not
only fills the existing research gaps but also contributes a nuanced un-
derstanding of the role that microfoundations play in enabling organi-
sations to adjust adeptly and deploy their resources at an individual
level, thereby influencing the broader organisational outcomes (Akter
et al., 2021; Chen et al., 2023). The adaptability fostered by these ca-
pabilities enables organisations to respond swiftly to market changes
and enhance their business performance effectively (Baabdullah et al.,
2021; Magistretti et al., 2021).

Practical implications

The practical contribution lies in the micro-dynamic reshaping of
resources and competencies, which has become a viable strategy for
organisations seeking to navigate the market shifts effectively and drive
improved outcomes. Despite the substantial investments by organisa-
tions in Al-powered CRM systems, industry experts have identified
critical areas where these systems tend to underperform, particularly in
sectors requiring high customer interactions, such as retail and tourism
(Hossain et al., 2020a; Khneyzer et al., 2024). By acknowledging the
importance of Al-powered CRM capabilities, experts highlight that
addressing foundational elements is key to maximising their potential.
For example, Al-powered CRM tools enhance customer engagement and
operational efficiency, but their effectiveness depends on their appro-
priate implementation and user adoption. This practical insight high-
lights the need for a focused approach to aligning the organisational
strategies with the capabilities necessary for successful Al-powered CRM
implementation.

Additionally, the study’s importance is heightened as it explores the
microfoundational capabilities underpinning the use of Al-integrated
CRM systems. By recognising the key factors that influence these capa-
bilities, the study provides practical examples drawn from the findings,
demonstrating how organisations can enhance the Al-powered CRM
systems’ capabilities. This is explored across three key dimensions:

Understanding the microfoundations of data management capability
is crucial for effectively harnessing the potential of data-driven decision-

14

making (Troisi et al., 2020). For example, companies leveraging
Al-powered CRM for personalised marketing must ensure that they
implement strong data protection and validation measures to prevent
customer biases and safeguard customer data. To achieve this, organi-
sations can establish a robust data governance framework to ensure data
integrity, address security concerns and adhere to the compliance
requirements.

In terms of a multichannel integration capability, recognising these
factors becomes pivotal in creating seamless customer experiences
across various touchpoints (Hossain et al., 2019). For example, unifying
customer interactions across multiple channels, such as websites and
mobile apps, requires a seamless backend integration strategy that
synchronises Al-driven insights across all platforms, ensuring a consis-
tent, accurate customer experience. Managers can strategically embrace
a customer-centric approach, aimed at integrating diverse communica-
tion channels, ensuring that customer interactions are unified across the
different channels.

Moreover, in terms of service offerings capability, a grasp of micro-
foundational capabilities is essential to optimise the delivery of services
and enhance customer satisfaction (Stock & Zacharias, 2013). Organi-
sations can leverage data and analytics to offer personalised, customised
service offerings, tailoring products and services to meet individual
customer preferences.

Nonetheless, this research’s holistic approach further illuminates the
practical pathway toward gaining a competitive advantage through the
utilisation of Al-powered CRM systems (Kumar et al., 2023; Rahman
et al., 2023). The emphasis on microfoundational capabilities aligns
with these dimensions, illustrating that the practical avenue for orga-
nisations lies in equipping their micro-level employees with the skills
adeptly to identify and respond to opportunities for reconfiguring ca-
pabilities. Ultimately, these contributions combine to form a practical
framework that empowers organisations to navigate shifts, optimise
resources and deliver enhanced value across these three dimensions.
Finally, the utilisation of microfoundations perspectives (Bojesson &
Fundin, 2021; Hutton et al., 2021; Teece, 2007) facilitates a precise
examination of the underlying elements that constitute a capability. This
in-depth understanding contributes to the effective development of an
Al-powered CRM capability, which is essential for clarifying the un-
derlying factors that contribute to the success of Al-powered CRM.
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2™ Order

1% order

Possible key elements for measurement scale, obtained from the
current research, present avenues for future investigation

References

Related
proposition(s)

Data management
capability

Multi-channel
integration
capability

Service offerings
capability

Intelligent data
governance

Data analytics

Data privacy and
security

Content consistency

Process consistency

Personalisation

Automation

Ability to access very large, unstructured or fast-moving data.
Ability to integrate data from multiple sources.

Ability to keep customer data sufficiently private.

Ability to provide security for the data.

User involvement in policy setting and evaluation.

Creation of data ownership/stewardship rights and responsibilities.
Educate users and non-IT managers regarding storage utilisation
and costs.

Develop communications regarding policy effectiveness and user
needs.

Establish and monitor access rights.

Set the service level for the protection of different types of
information.

Monitor the risk factors that contribute to value-at-risk.

Migrate data between the storage tiers, based on defined criteria.
Plan and provide storage capacity.

Users are knowledgeable when it comes to utilising analytical tools.
Users possess a high degree of data analytics expertise.

Users are skilled at using data analytics tools.

Personal information that is transmitted across various channels
(websites, mobile apps and physical branches) is protected.
Personal information that is transmitted across various channels
(websites, mobile apps and physical branches) is not shared with
others.

Information that is transmitted across various channels (websites,
mobile apps and physical branches) is not shared with others.

All channels have adequate security features.

Customers feel secure about using multiple channels.

The system provides consistent information across all channels.
The system provides consistent promotion information across all
channels.

Customers receive consistent responses through different channels.
The service performance is consistent across different channels.
Overall, the information across the organisation’s multiple
channels is consistent.

The system images are consistent across all channels.

The levels of service are consistent across all channels.

The feelings about the service are consistent across all channels.
The system performs consistently regarding the speed of service
delivery.

The system can provide personalised experiences to customers.
The system can deal with customers’ specific needs.

The system can take into account customers’ unique circumstances.
The system can deliver immediate one-to-one responses based upon
customers’ precise demands.

Recommendations are offered based on personal information across
different channels.

Discounts and privileges are offered based on records and personal
information across different channels.

Online browsing pages are customised based on records and
personal information across different channels.

Client-specific rewards or member points are offered based on
customers’ histories across different channels.

Automated systems have 100 % perfect performance.

Automated systems rarely make mistakes.

Automated systems can always be counted on to make accurate
decisions.

People have NO reason to question the decisions of automated
systems.

If an automated system makes an error, then it is broken.

If an automated system makes a mistake, then it is completely
useless.

Only faulty automated systems provide imperfect results.

The level of automation is reliable.

The level of automation is dependable.

The level of automation is consistent.

The level of automation is accessible.

The system can automatically generate answers to customers’ most
frequently-asked questions.

The system can automate repeated tasks when interacting with
customers.

The system can handle more questions from customers
automatically.
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Akter et al. (2022); Tallon et al.
(2013)

Ghasemaghaei et al. (2018);
Ghasemaghaei (2019)

Hossain et al. (2020b)

Lee et al. (2019); Sun et al. (2020)

Lee et al. (2019); Sun et al. (2020)

Lin et al. (2022); Shi et al. (2020);

Merritt et al. (2015); Lin et al.
(2022); Yagoda and Gillan (2012)

Proposition 1

Proposition 2

Proposition 3

(continued on next page)
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Possible key elements for measurement scale, obtained from the
current research, present avenues for future investigation

Related
proposition(s)

References

Meaningfulness and
novelty

Is useful for customers.

Is relevant to the customers’ needs and expectations.
Is considered appropriate for the customers’ desires.
Matches the customers’ needs and expectations.

Akter et al. (2023b)

Compared with your competitors, the service innovation you

developed based on Al-powered CRM Systems:

Is really “out of the ordinary.”
Can be considered revolutionary.
Is stimulating.

Demonstrates an unconventional way of solving problems.

These findings provide practical value to managers by offering in-
sights for developing comprehensive action plans aimed at achieving a
stronger alignment between their business objectives and Al-powered
CRM strategies. Furthermore, this study underscores several practical
implications for organisations seeking to implement Al-powered CRM
systems, highlighting the importance of integrating these systems across
various functional domains to harness their capabilities fully. The key
practices include providing comprehensive employee training to
enhance the interpretation and application of Al-driven insights, main-
taining transparency with customers to build trust, establishing iterative
feedback loops for continuous improvement, ensuring cross-functional
integration to avoid siloed applications. In addition, to maintaining
strategic flexibility allows organisations to adapt to emerging technol-
ogies and market changes effectively. Ethical considerations must also
be at the forefront to address potential biases and maintain public trust.
Collectively, these strategies enable organisations to optimise their re-
sources, adapt dynamically to the market conditions and enhance the
overall customer engagement and satisfaction.

Limitations and future research directions

This study, while providing valuable insights, is not without its
limitations, which present opportunities for future research. A major
limitation is the exclusive focus on the current literature pertaining to
Al-powered CRM systems, which inherently restricts the generalisability
of our findings. Future research should extend beyond Al-powered CRM
systems and examine other Al-powered marketing systems to assess
whether the results hold true across different technologies and contexts.
By broadening the scope, subsequent studies could provide a more
comprehensive understanding of the general applicability of these
findings.

A second limitation of this study is its reliance on self-reported data,
which carries an inherent risk of response bias (Arnold & Feldman,
1981). Such bias may affect the accuracy and objectivity of the data, as
the participants may provide socially desirable responses or misinterpret
certain questions (Tourangeau & Yan, 2007). To mitigate this concern
and strengthen the validity of future research, observational data or
other objective data collection methods should be employed to corrob-
orate and validate the findings (Creswell & Creswell, 2023). This
approach would provide a more reliable foundation for understanding
the dynamics of Al-powered CRM systems.

Third, the study fails to explore the direct impact of AI-powered CRM
systems on the key business outcomes, such as customer equity, opera-
tional efficiency and overall financial performance. This omission limits
the study’s ability to provide a comprehensive understanding of the
tangible business benefits associated with the implementation of Al-
powered CRM systems. Future research should address this gap by
investigating the causal relationships between Al-powered CRM capa-
bilities and critical business outcomes. Doing so would not only validate
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the strategic value of these systems but also provide organisations with
concrete evidence on how Al-powered CRM capabilities can contribute
to measurable improvements in business outcomes.

Finally, scoping reviews cannot be considered as conclusive outputs
in themselves, due to their limited rigour, relatively short time span,
absence of quality assessment (Arksey & O’Malley, 2005) and the po-
tential introduction of bias, which can limit their suitability as a basis for
policy or practice recommendations. However, they are able to inform
policymakers, as they shares similar characteristics to systematic liter-
ature reviews (Grant & Booth, 2009). This study does not encompass an
investigation into the underlying logic of the Al-powered CRM predic-
tion models and their capacity to identify potential leads. Future
research might investigate the role of Al-powered CRM in specific in-
dustries, such as hospitality, healthcare and finance, which are associ-
ated with unique customer needs and regulations. While Al-powered
CRM can provide personalised recommendations and proactive services
(Libai et al., 2020), it is unclear whether customers prefer Al-powered
interactions over human interactions, or if they value a combination
of the two.

Additionally, Al-powered CRM systems, particularly chatbots and
virtual assistants, may face limitations in industries that require empa-
thetic human interactions, such as healthcare and legal services
(Khneyzer et al., 2024). These sectors often demand nuanced emotional
intelligence and ethical considerations, that Al-powered systems may
struggle to replicate (Gaczek et al., 2023). Future research might also
investigate the impact of Al-powered CRM in enhancing creativity
(Thalainen, 2018; Vakratsas & Wang, 2021), awareness (Noreen et al.,
2023) and well-being (Akram et al., 2021). Finally, future research
might explore the impact of Al-powered CRM on business outcomes,
such as revenue, profitability and cost savings, to determine the eco-
nomic value of Al-powered CRM. In addition, Table 6 not only reveals
potential future research directions, as identified through the compre-
hensive scoping review, but also highlights the possibility of defining
elements for future measurement scales. Additionally, it advocates
practical investigations and the validation of the model’s
sub-dimensions in real-life contexts, opening doors for meaningful
contributions within academia. To strengthen further the connection
between the theoretical framework and future empirical research,
Table 6 systematically links each proposition that was developed in the
Results section to the key measurement elements. This alignment en-
sures that the dimensions of data management, multi-channel integra-
tion, and service offerings are not only conceptually robust but also
empirically operable. By explicitly mapping these propositions to
measurable constructs, this framework establishes a foundation for
future studies to assess Al-powered CRM capabilities with methodo-
logical precision. Such correlations are essential for organisations that
are seeking to leverage AI within their CRM systems to enhance both
their theoretical understanding and practical application. This
enhancement not only strengthens the study’s practical and theoretical
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contributions but also provides a more structured pathway for subse- of relevant trends and events. Overall, the study contributes to the

quent validation and application. literature by providing insights into the practical implications of AI-
powered CRM systems and the challenges that organisations currently

Conclusion face related to their implementation. In the dynamic landscape of Al-
powered CRM, this study adds a fresh perspective and sets the stage

As a pioneering effort, this study employed a unique approach by for further exploration and innovation in this critical field.

integrating the six stages of a scoping review with semi-structured, in-

depth interviews conducted with industry experts for empirical valida- CRediT authorship contribution statement

tion. Bridging a gap in the literature, it offers insights into the deploy-

ment of Al-powered CRM capabilities across diverse organisational Khadija Khamis Alnofeli: Writing — original draft. Shahriar Akter:

contexts. The data collection process encompasses perspectives from Supervision. Venkata Yanamandram: Supervision.

multiple regions, thereby ensuring a comprehensive, uniform exami-

nation of this topic. While previous research has primarily emphasised Acknowledgements

the value provided to customers and the competitive advantage gained

by companies through the adoption of Al-powered CRM, this study We extend our sincere appreciation to all of the CRM experts who
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Appendix A. Participant Interview Guide (CRM Experts)

A. Introduction

H Greet the respondent and introduce Mention names of the investigators (candidate and supervisors) and institution involved.

M In this interview, [ will start by collecting some demographic information (such as age, sex, and nationality), and then I would like to ask questions
about your experience in Artificial intelligence (AI) applications within customer relationship management (CRM) systems.

M Disclose the purpose of the research:

B The study will collect data using interview responses to confirm the Al-powered CRM dimensions obtained from the literature review.

B The purpose of this study is to investigate your perception of Al-powered CRM capabilities and their respective sub-dimensions, which will help
build a better understanding of Al-powered CRM capabilities.

B Ask the respondent if s/he has any questions.

M If you have any questions or concerns, please don’t hesitate to ask, I will be more than happy to address them. If all is okay, then kindly sign the
consent form (if they haven’t done it yet) and email us or, using Adobe, sign the consent form and email us back.

B Provide assurance.

B Your response and opinions will be valued; there is no right or wrong answer; it is your insights, events or experiences on Al-powered CRM di-
mensions that we are interested in and will be taking into consideration.

M Thank the participant for their contribution.

M Thank you for your contribution.

B. Interview Questions
1. Demographic/ Contextual Part

Age (Optional) Sex
Nationality (Optional) Job Title
Industry Work Location

How long have you worked in this position?

2. Interview Questions

W What does Al-powered CRM mean to you?

M How long have you worked as an expert in the field of Al-powered CRM?

H [n your opinion, what are the new functionalities of Al that have transformed CRM applications?

Hl Name the main components that are essential for the functionality of Al-powered CRM applications.

M Kindly Identify the Benefits of Al-powered CRM systems.

Il How can organisations benefit from the development of comprehensive strategies in Al-powered CRM applications?

B Businesses talk about “personalising customer experience to improve customer equity”. What is your opinion on the previous statement? Why?
M What are the advantages and disadvantages of implementing Al-powered CRM Processes?

Bl What benefits do you think the customers will receive from the Al-powered CRM processes?

H Do you consider any issues that you think might be relevant to discuss under the spectrum of Al-powered CRM capability?
B Is the Al-powered CRM programme being managed by external consultants or by an internal project team?

What Al-powered CRM tools/ systems do you use?

17
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Appendix B. Interviewed Participants

Countrvof | Working Yearsin | Numberofyears | Al-powered CRM programme
Interviewee# | Interview Type | Age | Sex | Nationality Job Title Industry Work Location oy oridng Years utilising Al-based | managed by external consultants | Al-powered CRM tools used
Y Y Y Residency Current position . ; ] ,
? CRM systems or an internal project team?
Adobe, Microsoft Dynamics 365,
1 Zoom 34 | M | Pakistani | Head of Digital Marketing | Sports & News | North America Australia 12 Years 10 Years Both aobe ‘2’\;:5 fmz_:‘"“'“ >
Informa ted Ara
2 Zoom 36 | F Syrian Director Key Accounts formation UAE United Arab 10 Years 4 Years Both Microsoft Dynamics 365, SAP
g Technology Emirates
United Arab Salesforce CDP, IBM, Stud
3 Zoom 30 | M Indian CRM Manager Public Sector UAE nited Aral 1.5 Years 8 Years Both alesforce CDP, IBM, Studio in
Emirates salesforce
' United Arab In-house CRM, Microsoft Dynamic
4 Zoom 2| ™ Indian Head of Digital and Data | Judiciary/Legal UAE nited A 6 Years Both rhouse CRA, Microsolt Dynamic
i Emirates 365, Clickdimensions
United Arab
5 Zoom 35| M Indian CRM and CVM Manager Leisure UAE pited Aral 2 Months 2 Years
Emirates
Customer Service Relati United Arab
6 Zoom 31| M | Tanzanign | ST SEVISC REON T yomotive UAE mted Ar Few Months 12 Years External SAP
Executive Emirates
IBM Watson, Lightning with
7 Zoom 42| F | Australian Managing Director Consultancy Singapore New Zealand 20 Years 5 Years Both salesforce, Microsoft Dynamic 365,
Salesforce Einstein
8 Zoom 40 | M | Cambodian Branch Manager Banking Australia Australia 7 Months Uliradata

Senior Products Manager

9 Zoom 47 | M | Bangladesh Banking Australia Australia 2 Years 3 Years
and Features Management
Specialist Consultant in
Busines United Arab .
10 Zoom 2| F Spanish Business Development Business UAE pited Aral 6 Years 4 Years Internal Salesforce
Consultancy Emirates

Strat

Python, R, Visualisation Tableau,
11 Zoom 42 F British Head of Data Science Consultancy UK United Kingdom 1 Year 5 Years Both Power BI, On-prem cloud, Cloud
Services (Google, AWS)

Marketing Automation

12 Online PDF survey | 36 | M | Australian Viager Travel Remote Australia 2 Years 5 Years Both Salesforce Einstein
. Customers and Prospect . "
13 Zoom 52| M | Jordanian | """r’w’m::‘gﬂ'”’"“ Automotive Saudi Arabia | Saudi Arabia 1 Year 10 Years Internal Salesforce, Chat-Bot
14 Online PDF survey | 40 F Australian | Digital Marketing Manager |  Biotechnology Australia Australia 10 Years 2 Years Internal HUbSpot, Salesforce Einstine
15 Online PDF survey | 43 F British Director of Data Science Marketing UK United Kingdom 4 Years 8 Years Internal
Customer E ¢
16 Zoom 43 | M | Jordanian ustomer Experience Electronics Canada Canada 4 Months Internal Microsoft Dynamiics 365
District Supervisor
Greek Online Se
17 Zoom 4| M ree CRM Marketing Specialist| 1 Do 1€ Australia Australia 15 Years 2 Years Internal Braze
Australian Marketplace
IBM Watson, Salesforce, SAP,
18 Z 38 | M | Australian | Chief Technology Offic Technology Australic Australic 3 Years 7 Yea Bot
‘oom ustralian | Chicf Technology Officer | Technology ustralia ustralia cars cars oth Oracle, Microsaf Dysmics 365
< Australian ~ )
19 Zoom 54 M Britist Principal Consultant Marketing & IT Australia Australia 25 Years 10 Years Both Adobe, SAP, PMRs, Salesforce
ritish
Customer Care Telecommunicatio .
20 Online PDF survey F Nigerian Nigeria Nigeria 2 Years 1 Year Both Avaya Ava
Representative ns
Pharmaceutical Microsoft Dynamics 365, P
21 Zoom 8 | ™M Iranian | Dynamic CRM Developer | | ocouticals Australia Australia 3 Years 3 Years Both crosoft Dynamic ower
Industry Automate
Nigerian : Construction
Nati | Modernisati
2 Zoom 4| M British ationa Mocernisation | incering/ Australasia Australia 2 Years 2 Years Both Microsoft Dynamiics 365
" Product Manager
Australian Mechanical
Pt tical
23 Online PDF survey M CRM Manager “'I’:::::;)'Cﬂ s Australia Australia 2 Years 2 Years Salesforce Einstein
General Manager Data and . Pega Marketing, Adobe, Salesforce,
24 Zoom 42 | M | Avstralian | Snere! Manager Dataand Banking Australia Australia 9 Years 9 Years Internal g8 Markeling, AJ0DE, Salesiorce,
Decision Science SAP

Appendix B presents comprehensive participant details.
Fields marked with indicate participants' choice to withhold certain information.

Our research respects and upholds participants' rights to discretion.
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